
  



  



  

Scope and Definition 

This report covers the global artificial-intelligence sector as of mid-2026, written for the lower-market M&A practitioner: the buyer hunting small AI companies in the 

sub-$100m enterprise-value band, typically financed from pre-seed through small Series B rounds broadly under $50m. Its purpose is not to settle on a headline 

market figure but to locate the slice of the sector a small-cap buyer can actually own, and to make the AI-versus-wrapper distinction operational as the central deal-

quality test — because in this band that line is now a valuation line, not a taxonomy line. 

Market definition and boundaries 

The lower market must be triangulated from company population (Tracxn counts tens of thousands of AI companies, the great majority small and founder-led), capital 

flow (AI took roughly 80% of venture funding but the dollars concentrate at the very top), and disclosed revenue (thin, because most targets are early and capital-

light). The lower market is therefore a high-population, low-disclosed-revenue, capital-light cohort, bifurcated between defensible vertical/AI-native businesses and a 

large tail of thin wrappers. 

The frontier and compute layers — foundation-model training, hyperscaler capex, accelerators and packaging — are economically decisive but unacquirable at sub-

$100m EV, and are treated here as context that sets the cost and margin floor below which small companies operate, not as a target set. 

What is in and out of scope 

•  In scope: vertical AI agents and AI-native vertical SaaS, horizontal applied-AI, MLOps/evaluation/observability and vector tooling at the small-company edge, data 

labeling and curation, AI development services, and the complementary governance, security and orchestration tools that attach to AI spend. 

•  Adjacent and partial scope: open-weight model ecosystems, neoclouds and the regulatory regime (EU AI Act) are analysed where they set small-company 

economics or create acquisition rationale. 

•  Out of scope: frontier model labs, hyperscaler capex and the silicon/packaging tiers — unacquirable at this size. 

•  Time and geography: figures as of mid-2026 with a forward view to 2030; global, with explicit treatment of the deep US pool, a faster-but-smaller rest-of-world, 

and the EU AI Act compliance moat. 

Methodology and sources 



  
Figures are triangulated across Tracxn, CB Insights, PitchBook, Carta-derived round data, Aventis Advisors, SaaS Capital, ICONIQ, Bessemer and primary reporting, 

with deal and multiple benchmarks flagged where they reflect fundraising rounds rather than control sales. Forecasts are presented as a sensitivity spectrum (bear, 

base, bull) rather than a single CAGR, and forward-looking source language is marked as such. Each section carries its own numbered references, consolidated at 

the end of the report. 

Analytical framework 

The sector is segmented by position in the stack crossed with two economically decisive axes: model/infrastructure-native versus wrapper-heavy (which drives gross 

margin, retention and multiple), and buying behavior. The substitution test — can a technical user reproduce most of the output by pasting the prompt into a frontier 

model? — is applied throughout as the first screen. The nine analytical sections that follow apply this lens in turn: size and growth; segmentation; end-users; the 

supplier ecosystem; complementary solutions; substitute solutions; the competitive landscape; the value chain; and the M&A landscape. Each opens with a one-page 

executive summary so the report can be read at two depths. 



  



  

Size & Growth 

Executive Summary 

The lower market (AI companies in the sub-$100m enterprise-value band, financed from pre-seed through small Series B rounds under $50m) is large in company 

count, thin in disclosed revenue, and capital-light. No provider sizes it as a category, so it must be triangulated from population, capital flow and round data: the median 

AI seed sits near $3.0-4.6m, AI-attached rounds carry a 25-30% “AI premium”, and the cohort is sharply bifurcated between defensible vertical/AI-native businesses 

and a churning tail of thin wrappers. Rather than a single CAGR, treat scale as a sensitivity spectrum. The base case has the population growing mid-teens to low-

twenties percent, tracking vertical SaaS at ~11.5%, while native players compound and wrappers wash out — the motivated-seller supply that feeds lower-market 

deal flow. 

•  Triangulated, not measured: a high-population, low-disclosed-revenue, 

capital-light cohort; median AI seed ~$3.0-4.6m with a 25-30% AI valuation 

premium. 

•  Sensitivity spectrum: bear (open-weight parity + Sherlocking destroys wrapper 

margin), base (bifurcation, mid-teens-to-low-20s%), bull (agentic demand 

clears, marketplaces monetize). 

•  Segment growth: vertical AI ~11.5% (sub-segments 16-23%); agentic the 

steepest cited at ~46% but perishable; MLOps tooling ~37%; data labeling 

~28%. 

•  Open-weight parity: Llama 4, Qwen 3.5/3.6, DeepSeek V4, Mistral, GLM-5.1 

collapse the cost to build — margin relief and moat erosion at once. 

•  API price cuts: LLM API prices fell ~80% in a year; every cut compresses 

wrapper margin while leaving vertical-agent economics intact. 

•  Agentic concentrates: over half of YC’s Spring 2025 batch built agents; vertical 

agents captured ~55% of agentic deals and ~57% of capital. 

•  SMB is the demand engine: US SMB AI usage jumped to 68% among 10-100-

employee firms; no-code platforms and marketplaces reshape distribution. 

•  The valuation line: the AI-versus-wrapper line is now a valuation line — native 

NRR ~48% vs 32% for sub-$50 plans and 85% above $250. 

 



  
The lower-market AI segment, small companies in the sub-$100m 

enterprise-value band financed by pre-seed through small Series B 

rounds broadly under $50m, is large in company count, thin in disclosed 

revenue, and bifurcating fast between defensible "AI-native" assets and 

disposable "wrappers." That bifurcation, not headline market size, is the 

variable that decides whether a small target is a real bolt-on at 4x to 6x 

revenue or a team acqui-hire priced on headcount. 

Industry Size 

The honest answer on the lower market's size is that it must be 

triangulated, because no single data provider sizes "sub-$100m EV AI 

companies" as a category. Three anchors frame it. First, company 

population: Tracxn counts roughly 1,083 active agentic-AI companies 

alone as of April 2026, of which 573 have raised funding [1]; across the 

full AI/ML taxonomy the total AI/ML deal count reached 6,678 in 2025 [2]. 

The overwhelming majority of these are application-layer firms under 

$100m EV. Second, small-round flow: through the first ten months of 

2025, seed-stage startups globally raised approximately $2.3 billion 

across thousands of rounds, with AI and ML companies attracting 

disproportionate attention [3]. Third, the cap: total capital invested in AI 

hit a record $256 billion in 2025, almost three times the 2024 figure, but 

that number is dominated by frontier-lab and infrastructure mega-rounds 

(OpenAI, Anthropic, xAI absorbed the bulk) and tells you almost nothing 

about the small company [4]. 

 

The main takeaway on current scale: the lower market is a high-

population, low-disclosed-revenue, capital-light cohort. The median AI 

seed round sits near $3.0m to $4.6m (CB Insights' Q2 2025 figure for AI 

median deal size is $4.6m, about $1m above the broader market) [5][6], 

the median AI Series A pre-money valuation reached roughly $45.7m to 

$49.3m in 2025 (Carta Q3 2025) [7][8], and a typical small Series B 

clusters at $30m to $40m on a $120m to $160m post-money [9]. A 

founder-led 15-person AI startup therefore lives almost entirely inside the 

sub-$50m round world and, on exit, inside the sub-$100m EV band. 

 

 

 



  



  
Industry Future Growth Estimation 
Instead of a single CAGR for the lower market, it is better to treat current scale 

as a "Sensitivity Spectrum": 

Bear (build-cost commoditization wins, demand lags): Open-weight parity 

plus foundation-model feature absorption ("Sherlocking") destroys wrapper 

margins faster than vertical depth accrues; small-company aggregate 

revenue grows in the low teens and deal count falls as the long tail is wound 

down. Roughly 90% of thin wrappers are projected dead by end-2026 in one 

builder estimate [14]. 

 

Base (bifurcated market): Native vertical players compound while wrappers 

churn out; the lower-market AI population grows mid-teens to low-twenties 

percent annually, tracking the broader vertical-SaaS growth rate of 11.5% to 

23% [15], with capital concentrating in defensible niches. 

 

Bull (agentic demand clears, distribution opens): Vertical agents reach 

production reliability, marketplaces (Salesforce AgentExchange, AWS, Poe) 

monetize small developers, and SMB adoption compounds; small-company 

formation and revenue grow 25%+ with a widening pool of acquirable, 

profitable micro-SaaS. 
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CAGR ranges by segment and horizon, all flagged as projections (forward-

looking, "could/will" language in sources): 

Vertical SaaS / vertical AI (the small-company core): 
 11.5% CAGR on a conservative Mordor Intelligence basis to a $164bn 2026 

market, with venture-tracked sub-segments cited at 16% to 23% [15]. 

Forecast horizon 2026 to 2030. 

AI agents (agentic):  
the most aggressive cited figure is a market rising from $5.25bn (2024) and 

$7.84bn (2025) toward $52.62bn by 2030, a 46.3% CAGR [18]. This is a top-

down projection and should be treated as perishable; the same data shows 

agentic funding concentrating into fewer, larger rounds, which is a maturation 

signal, not pure expansion [19]. 

MLOps / data tooling:  
cited at a 37.4% CAGR from $1.7bn (2024) toward $39bn (2034) [20]; small-

company relevance is high at the tooling edge (vector DBs, evaluation, 

observability) and low at the platform core, which giants dominate. 

Data labeling / curation:  
roughly $4bn to $5bn in 2025 projected toward ~$17bn by 2030 at a ~28% 

CAGR [21]. 

 

 

Industry Future Growth Estimation 
The dominant growth narrative for the lower market is "vertical AI eating 

horizontal SaaS," and it is underpinned by capital-efficiency and defensibility 

data, not hype. Bessemer's framing is that AI-native vertical companies reach 

$100m ARR faster than any prior SaaS generation, concentrated in 

healthcare, legal, and housing [16].  

 

Bessemer's State of AI 2025 study of 20 high-growth AI startups splits them 

into two archetypes that matter directly for diligence: "Supernovas" hit roughly 

$100m ARR in 1.5 years but often with fragile retention and thin margins 

(about 25% gross margin and $1.13m ARR per FTE early), while "Shooting 

Stars" grow like stellar SaaS from $3m to $100m over about 4 years at roughly 

60% gross margins, against the pre-AI norm of roughly 7 years to reach 

$100m ARR for top cloud companies [16][30]. The mechanism that matters 

for small companies: vertical workflow ownership plus proprietary data 

creates a moat a foundation-model upgrade cannot easily erase, which is 

what makes a vertical agent fundable (and acquirable) where a horizontal 

wrapper is not [17]. 

 

 



  



  

Trends 

Open-weight parity collapses the cost to build.  
The single most consequential structural trend for small companies is that open-

weight models (Llama 4, Qwen 3.5/3.6, DeepSeek V4, Mistral Small 4, GLM-5.1, 

Kimi K2.6) now rival closed frontier models on practical workloads, and self-hosting 

a 70B-class model on cloud GPUs runs roughly $8k to $12k per month versus 

$45k+ in API fees at 100k requests/day [25]. 

DeepSeek's own arXiv paper states V3 required only 2.788m H800 GPU hours for 

full training; the widely-quoted ~$5.6m figure (at $2/GPU-hour) covers GPU pre-

training only, while SemiAnalysis estimates total server CapEx near $1.3bn 

excluding R&D, so the "$6m model" headline understates the real cost base by 

orders of magnitude [26] 

The point for a 15-person startup stands regardless: open weights convert a 

variable, vendor-controlled COGS line into a fixed, controllable one, and enable 

data-sovereign on-prem deployment for regulated buyers. Named small example: 

Sarvam (Bengaluru) trains Indian-language models from scratch under Apache 2.0 

as India's IndiaAI Mission pick [27]. 

Agentic AI is the formation magnet but is concentrating. 
 Over half of YC's Spring 2025 batch built agents [13]; vertical AI agents captured 

54.8% of disclosed agentic deals and 57.2% of capital over the trailing twelve 

months to April 2026 [32]. But the market is maturing: average round size for agentic 

startups closing in Q4 2025/early 2026 hit roughly $155m, nearly double H1 2025, 

and new-company formation has slowed sharply (245 new agentic startups founded 

in all of 2023 versus near-zero new formation reported in Q1 2026 by one Tracxn-

sourced count) [19]. For small companies this means the seed window for generic 

agents is closing while niche vertical agents (Caseflood.ai for law-firm ops, Corti for 

healthcare claims) still raise [33]. 

Sustainability and local inference.  
Local-deployment economics (40%+ of enterprise AI workloads now include a local-

inference component per one estimate; quantized-weight downloads up 320% year-

on-year) favor small companies serving data-sovereign and edge use cases [42]. 

This is a genuine small-company wedge in healthcare, finance, and defense 

verticals where data cannot leave premises. 

 

 

Foundation-model API price cuts compress wrapper margins.  
LLM API prices fell roughly 80% between early 2025 and early 2026 

(GPT-4o input from $5.00 to $2.50 per million tokens; DeepSeek V4 

Flash at $0.14) [28][29]. This sounds pro-small-company but cuts both 

ways: it lowers input cost yet simultaneously lets the model vendor 

undercut any thin reseller. AI-native applications run 50% to 70% gross 

margins versus 75% to 85% for traditional SaaS [30].  

No-code/low-code agent platforms lower the technical barrier 
and reshape distribution. 
Platforms like MindStudio let non-technical founders build and publish 

agents, and Salesforce converted AppExchange into AgentExchange 

(hundreds of components from 200+ partners at launch) with Flex Credits 

enabling seat-, usage-, or consumption-based monetization [34][35]. 

Gartner's projection that 70% of new applications will use low/no-code by 

2025 is the backdrop [36]. The trend cuts both ways for small companies: 

it lowers the build barrier (good for formation) but commoditizes the build 

(bad for defensibility), pushing the moat toward proprietary data and 

workflow depth. 

Regulatory divergence reshapes where small companies can 
operate. 
The EU AI Act's Article 4 AI-literacy obligation has applied to all deployers 

since 2 February 2025, prohibited-practice bans since August 2025, and 

high-risk obligations land 2 August 2026 (extended to 2028 for embedded 

products under the AI omnibus) [37][38]. For a small high-risk provider 

the cited compliance cost runs €200k to €500k initial plus €80k to €150k 

annually, with SME carve-outs (free sandbox access, proportional fees) 

cutting 25% to 35% [39][40]. Six in ten EU/UK startups report delayed 

access to frontier models and over a third strip features to comply [41]. 

The strategic read: regulation is a moat for incumbents and a barrier for 

sub-€50m-revenue startups, pushing some formation to the US and 

making EU-compliant small targets more valuable to cross-border 

acquirers needing market access. 

 

 



      



  
Drivers 
Regulatory (structural, region-specific).  
The EU AI Act, GDPR, and sector rules (HIPAA, SOX, court-filing requirements) create 

non-discretionary demand for compliant, auditable, domain-specific AI. Compliance-

driven AI tooling and governance markets are projected to grow 25% to 30% annually 

through 2030 [43]. Concrete translation: a regional bank or mid-sized hospital buys a 

compliance-monitoring or documentation tool because the cost of a fine (up to €35m 

or 7% of global turnover under the AI Act) dwarfs the subscription [44][37]. This driver 

is strongest in the EU and in US regulated verticals; it is the demand floor under 

defensible vertical AI. 

Economic (cyclical and structural).  
Cyclically, multiple compression pushes founders toward M&A exits and PE toward 

cheaper add-ons: the "SaaSpocalypse" (triggered by Anthropic's Claude Cowork 

launch on 12 January 2026) erased roughly $1 trillion of aggregate SaaS market cap 

in Q1 2026, with the SaaS Capital Index falling from approximately 7.0x ARR at the 

start of 2025 to 3.8x by March 2026 and the median public SaaS EV/TTM revenue 

multiple dropping to 3.3x as of 31 March 2026, down from 4.9x at year-end 2025 

[45][46]. Structurally, AI-native capital efficiency is the bigger driver: lean teams now 

post revenue-per-employee an order of magnitude above traditional SaaS (top lean-AI 

startups average $3.48m RPE versus ~$610k for top traditional SaaS) [47]. For a small 

company this means viable businesses at tiny headcount, which lowers the capital 

needed and widens the population of bootstrapped, profitable, acquirable targets. 

Technological (structural).  
Open-weight parity, cheap inference, agent frameworks, and no-code platforms 

together cut the cost and time to build, translating into a surge of company formation. 

CIOs increasingly cite AI as the primary driver of software-spend increases (58% in 

one cited figure) [48], which converts directly into demand for applied vertical tools. This 

driver is global but expressed differently: US and China at the model/infra frontier, the 

EU and India at the applied/vertical layer. 

Customer-driven (structural, accelerating).  
SMB AI adoption is the demand engine for the lower market. Per Thryv's second annual 

AI and Small Business survey (540 decision-makers, 4 to 14 May 2025), US SMB AI 

usage rose from 39% in 2024 to 55% in 2025 (a 41% increase), and among firms with 

10 to 100 employees adoption jumped from 47% to 68% [49]; 96% of small-business 

owners plan to adopt emerging tech including AI [50]. Critically, growing SMBs prioritize 

AI capability first (40% rate it "extremely important") while struggling firms remain price-

led (23%) [49], which segments the buyer base and the achievable price. This driver is 

strongest in the US and in marketing, sales, and customer-support use cases. 

 



  Key Topics and Insights 

The AI-versus-wrapper line is now a valuation line, not a taxonomy line. 

Message: ChartMogul data put AI-native median NRR near 48% in late 2025, 

with sub-$50/month plans at 32% NRR versus 85% for plans above $250/month 

[51]. Strategic relevance: retention, not the AI label, decides the multiple; a thin, 

cheap wrapper with 32% NRR is an acqui-hire regardless of growth, while a 

$250+/month workflow-embedded vertical tool with 110%+ NRR is a real bolt-on 

at a premium. 

Consolidation is moving to small bolt-ons and PE roll-ups.  
Message: in H1 2025 there were 427 reported startup-on-startup M&A deals 

globally, up 18% year-on-year, and 2,698 SaaS M&A deals closed in 2025 (up 

28%), with 72% of 2025 SaaS targets referencing AI [52][53]. Strategic 

relevance: the exit path for small AI companies is frequent, lower-value 

acquisition, not IPO; PE-led add-ons (e.g., Bow River Capital's add-on of 

meQuilibrium, reported in the $10m to $49m band) and strategic tuck-ins 

(Thomson Reuters converting venture stakes in Materia and Noetica into 

acquisitions) are the dominant lower-market liquidity mechanism [54][55]. 

Pricing pressure is structural and asymmetric.  
Message: every foundation-model price cut compresses wrapper margins while 

leaving vertical-agent economics intact, because vertical agents price on 

outcomes and own the acceptance criteria, routing to cheaper models by default 

[30]. Strategic relevance: in diligence, model-portability architecture and 

outcome-based pricing are the signals that a small company can survive the next 

API price war. 

Labor intensity is inverting.  
Message: AI-native startups reach material revenue at single- and double-digit 

headcount (Midjourney ~$500m ARR with ~11 to 40 staff and $0 raised; Cursor 

$2bn+ ARR run-rate on roughly 50 people) [56][57]. Strategic relevance: for a 

small-cap acquirer, revenue-per-employee is now a primary quality screen and 

integration-risk gauge; a tiny, high-RPE team is cheap to absorb but concentrates 

key-person risk. 

Procurement behavior is shifting to self-serve and marketplaces.  
Message: product-led growth hits 55% adoption and usage-based pricing 

reached 85% (up from 28% in 2023) per aggregated SaaS benchmarks [58]. 

Strategic relevance: small companies that distribute through marketplaces and 

self-serve motions have lower CAC and more durable retention, raising their 

acquisition multiple relative to sales-led peers. 



  



  

Segmentation 

Executive Summary 

The sector segments by position in the stack crossed with two decisive axes — model/infrastructure-native versus wrapper-heavy, and buying behavior — and the 

substitution test (could a technical user reproduce most of the output by pasting the prompt into a frontier model?) is the first screen on every candidate. The density 

of acquirable, founder-led, genuine-AI targets is highest in vertical AI agents and AI-native vertical SaaS, strong across MLOps/evaluation, vector tooling and data 

labeling at the small-company edge, and thinnest — effectively unacquirable — at the foundation-model and accelerator layers. Margin structure and retention are the 

fastest proxies for AI-versus-wrapper in screening, and the wrapper tail (where ~90% are projected dead by end-2026) is where most of the landmines sit. 

•  Two axes: native versus wrapper (drives margin, retention, multiple) crossed 

with buying behavior — compute-led, compliance-led, value-added. 

•  Highest target density: vertical AI agents and AI-native vertical SaaS — 

defensible, founder-led, and acquirable in the band. 

•  Strong density: MLOps/evaluation, vector and retrieval DBs, and data labeling 

at the small-company edge (the platform core belongs to giants). 

•  Near-zero density: foundation models and accelerators — capital-gated and 

unacquirable at sub-$100m EV. 

•  Vertical agents lead: they take roughly 55% of agentic deals — the highest-

quality acquirable agentic pool. 

•  The wrapper tail: the largest population and widest quality dispersion; about 

90% of thin wrappers are projected dead by end-2026. 

•  Screen to use: the substitution test plus margin and NRR thresholds separate 

genuine AI from feature wrappers. 

•  Capital follows revenue: funding prefers revenue-facing agents over 

orchestration and agent-memory layers — a signal for where durable value sits. 
 



  

Segmentation logic 

The objective is M&A screening, not academic taxonomy. The segment tree is organized by the economic variables that move a small-deal multiple: regulatory 

intensity, workflow depth, proprietary-data ownership, buyer sophistication, and whether the segment holds a deep population of acquirable sub-$100m companies 

at all. Each segment is tagged "model/infrastructure-native" or "wrapper-heavy," and flagged for small-company density. 

The segments are grouped by Strategic Logic into two buying-behavior families. Commodity/Compliance-Led: demand is regulatory-, risk-, or cost-driven; the 

buyer evaluates on price, certification, and reliability; switching is friction-based; pricing power is moderate. High-Complexity/Value-Added: demand is outcome- 

and capability-driven; the buyer evaluates on domain depth and integration; switching costs are high once embedded; pricing power is strong. The single most 

important screening rule: in the application family, the AI-versus-wrapper call decides whether a target is a bolt-on or an acqui-hire, and it correlates almost 

perfectly with NRR and gross margin. 

Segment Name Strategic Logic Critical Success Factors Representative 
Examples 

Source 
Refs Key Trends 

S1. AI Accelerators & 
Semiconductors 

High-Complexity/Value-
Added 

Capital, fab/tape-out 
access, power-efficiency 
edge, anchor customer 

Substrate, Vinci, 
PowerLattice, 

FuriosaAI, Maieutic 
[1] 

Sovereign-compute 
demand; mostly frontier-

only at this size 
S2. GPU Cloud / 

Inference 
Infrastructure 

High-Complexity/Value-
Added 

Utilization economics, 
latency, capex access 

Inferact (vLLM 
commercial), Neysa, 

GMI Cloud 
[2][3] 

Self-host crossover at ~5M 
tokens/day; NVIDIA roll-up 

of optimizers 

S3. Data Labeling / 
Curation 

Commodity/Compliance-
Led (premium tier Value-

Added) 
Quality, expert labelers, 

proprietary datasets 
Surge AI, Argilla, 

Dappier [4][5] Commoditizing at low end; 
expert/RLHF tier defensible 

S4. MLOps / LLMOps 
/ Evaluation 

High-Complexity/Value-
Added 

Workflow integration, 
reproducibility, 

observability depth 

Arize, Weights & 
Biases, ClearML, 
ZenML, Meibel 

[6][7] Cloud-giant absorption; thin 
standalone population 

S5. Vector / 
Retrieval Databases 

High-Complexity/Value-
Added 

Performance, ease of use, 
open-source community 

Qdrant, 
Zilliz/Milvus, 

Pinecone, Chroma 
[8][9] 

Acquisition targets 
(MongoDB/Voyage AI 
$220m); RAG demand 

S6. Foundation / 
Open-Weight 

Models 
High-Complexity/Value-

Added 
Capital, research talent, 

compute 
Frontier-only; small 
exceptions Sarvam, 

Decart 
[10] 

Effectively absent at sub-
$100m EV except 
sovereign/niche 

S7. Horizontal 
Applied AI 

Commodity/Compliance-
Led 

Distribution, brand, 
switching-cost creation 

Midjourney, Copy.ai, 
Writesonic, HeyGen [11][12] 

Wrapper-heavy; high churn 
at low price points; 

Sherlocking risk 

S8. Vertical Applied 
AI / Vertical Agents 

High-Complexity/Value-
Added 

Domain workflow 
ownership, proprietary 

data, regulatory expertise 

EvenUp, 
Caseflood.ai, Corti, 

EliseAI, Tennr, Bravi 
[13][14] 

Deepest small-acquirable 
population; foundation-

model-resistant moat 
S9. AI-Native 
Vertical SaaS 

(system of record) 
High-Complexity/Value-

Added 
Workflow lock-in, 

embedded finance, NRR 
Jane Software, 

Procore (AI), niche 
micro-SaaS 

[15] NRR 108-120%; 
bootstrapped scale possible 

S10. Agent 
Infrastructure / 

Memory / 
Orchestration 

High-Complexity/Value-
Added 

Reliability, developer 
adoption, becoming a 

control point 

Shepherd, item, 
agent memory 

startups 
[16] 

Lower check-size ratios; 
rails lag revenue-facing 

agents 
 



   

 

Analytical narrative by segment 

S1. AI Accelerators & Semiconductors.  
M&A relevance for the lower market is low: barriers to entry are extreme (capital, tape-out, power-efficiency IP), and the 

segment is model/infrastructure-native by definition. Small companies exist mainly at the seed/Series A research stage 

(Maieutic added $1.8m to a $6m seed for an analog-design copilot; PowerLattice raised $25m Series A) [1], but most 

are pre-revenue and priced on team and IP, not multiples. For a sub-$100m EV acquirer this is an acqui-hire or strategic-

stake hunting ground, not a bolt-on universe; integration risk is high and key-person concentration acute. FuriosaAI 

turning down an $800m Meta offer shows the segment's exits skew large or strategic, not lower-market [10]. 

S2. GPU Cloud / Inference Infrastructure.  
Margin profile is capex-heavy and utilization-dependent; scalability is real but capital-intensive. NVIDIA has been rolling 

up the inference-optimization layer (Lepton AI, OctoAI, Deci, CentML), which both validates the segment and removes 

the most attractive small targets quickly [17]. Lower-market opportunity sits in regional GPU clouds and niche inference-

optimization tooling where a strategic or PE buyer can consolidate; the self-host crossover (open-weight models beat 

hosted APIs above roughly 5M tokens/day single-host) is the demand driver [2]. Barrier to entry: moderate-to-high 

(capital). Infrastructure-native, not a wrapper risk. 

S3. Data Labeling / Curation.  
Two-tier segment. The commodity tier (general annotation) is price-competitive and margin-thin, a poor lower-market 

target. The premium tier (expert/RLHF, domain-specific curation) is defensible: Surge AI pays labelers premium rates 

($18 to $24/hour) and was reportedly profitable and bootstrapped before considering a raise [4]. Small companies like 

Argilla (data curation for fine-tuning) are credible bolt-ons for data-tooling platforms. M&A relevance: the "data partner 

for startup labs" niche is real but the giants dominate volume; lower-market value is in vertical-specialized datasets that 

"block out competition in clunky sales-cycle verticals such as law, government or hospitals" [18]. 

S4. MLOps / LLMOps / Evaluation.  
Demand is structural (78% of enterprises deploy ML in production; 80% of models historically fail in production), but the 

end-to-end platform layer is dominated by Google, Microsoft, and Databricks [6]. The lower-market population is thin 

and consolidating fast: Databricks acquired Tecton; OpenAI acquired Context.ai (evaluation) and Neptune (training 

dashboards) as acqui-hires [19]. Small companies survive at the specialized edge (observability, evaluation, red-

teaming). Barrier: moderate. Margin: SaaS-like if workflow-embedded. M&A read: most small MLOps assets are 

tech/team tuck-ins for platforms, not standalone bolt-ons. 

S5. Vector / Retrieval Databases.  
One of the better-defined small-company segments with genuine acquisition activity: MongoDB acquired Voyage AI 

(embeddings, founder Tengyu Ma of Stanford, ~19 employees) in a cash-and-stock deal MongoDB valued at $220m 

(announced 24 February 2025), with Voyage having raised $28m prior from Snowflake, Databricks and others [9]; 

Qdrant raised a $7.5m seed [8]. RAG demand is the structural driver. Defensibility comes from performance and open-

source community (Zilliz/Milvus, Qdrant, Chroma). Barrier: moderate-to-high (engineering). M&A relevance: high as bolt-

ons for data and AI platforms, though the very best are above the sub-$100m band; the second tier is squarely 

acquirable. 

 

 



  S6. Foundation / Open-Weight Models. 
Effectively frontier-only and absent at sub-$100m EV. Capital and compute requirements rule out the lower market 

except for sovereign-language niches (Sarvam, India) and small research labs that are acqui-hire targets (Decart) [10]. 

For a lower-market thesis, treat this segment as context, not a hunting ground; its relevance is that open-weight releases 

here change the operating conditions for every small application-layer company below. 

S7. Horizontal Applied AI.  
The most populous and most dangerous segment for acquirers. Wrapper-heavy by default: writing assistants, image 

tools, meeting summarizers built on third-party APIs. Defensibility is weak unless distribution or brand creates a moat. 

The economics are stark: ChartMogul puts AI-native sub-$50/month plans at 32% NRR [11]; 60% to 70% of AI wrappers 

generate zero revenue and only 3% to 5% crack $10k monthly [12]. Exceptions prove the rule, Midjourney ($500m ARR, 

~11 to 40 staff, bootstrapped, distribution moat via Discord). M&A relevance: mostly acqui-hires and distressed asset 

buys; sustainable small-deal multiple is low (micro-SaaS 2x to 3.5x ARR or ~3.9x SDE) unless brand/distribution is 

provably durable [20]. 

S8. Vertical Applied AI / Vertical Agents.  
The richest lower-market hunting ground and the core of the thesis. Demand is regulatory- and outcome-driven; the 

moat lives in domain workflow integration, system-of-record connectivity, regulatory expertise, and outcome-based 

contracts that a foundation-model upgrade cannot replicate [13]. Critical success factors: own one recurring workflow, 

own the data exhaust, sell through industry-trusted channels (bar associations for legal AI, EHR partnerships for 

healthcare). Representative small-to-mid names span legal (EvenUp, Caseflood.ai), healthcare (Corti, Tennr), real 

estate/housing (EliseAI), and home services (Bravi) [13][14]. M&A relevance: highest; these are real bolt-ons at premium 

multiples (5x to 7x+ revenue when NRR and Rule of 40 are strong) and the segment Thomson Reuters mines via 

venture-stake conversions (Materia, Noetica) [21]. 

S9. AI-Native Vertical SaaS (system of record).  
Adjacent to S8 but distinguished by being the system of record, not just an agent on top. Highest retention (vertical 

SaaS NRR 108% to 120% when the vendor owns the workflow) and embedded-finance upside (fintech can lift revenue 

per customer 2x to 5x) [15]. Bootstrapped scale is achievable: Jane Software reached an ~$1.8bn secondary valuation 

on only ~$10m primary capital raised since 2012 [15]. Barrier: high (domain depth). M&A relevance: premium bolt-ons 

and PE platforms; the most durable lower-market assets, though the best graduate above $100m EV. 

S10. Agent Infrastructure / Memory / Orchestration.  

Emerging, infrastructure-native, and capital prefers revenue-facing agents: agent memory systems drew only a 0.30x 

check-size ratio versus revenue-facing agents [16]. Small companies are early and pre-revenue, making them tech/team 

acquisitions rather than multiple-priced bolt-ons. M&A relevance: speculative; valuable as control-point bets but high 

technical and adoption risk. Barrier: moderate-to-high. 

 



  



    



  

End-Users 

Executive Summary 

Demand in the lower market runs through a different buyer than the enterprise mega-account: SMBs, prosumers, solo operators and single departments buying below 

the procurement threshold. Four profiles matter — regulated vertical buyers (compliance-critical, slow but sticky), growth SMBs (the demand engine, 68% adoption 

among 10-100-employee firms, competitive rather than regulatory), prosumers and solo operators ($20-30/month tickets with fragile ~32% NRR), and single 

departments inside larger firms (fast bottom-up land-and-expand). Stated criteria diverge sharply from what wins: workflow fit and credibility beat RFP security 

checklists. Pricing is migrating from seats toward usage and outcomes (usage-based adoption at 85%), and enterprise customers retain about 5.8x better than SMBs 

— the retention math that separates durable assets from disposable ones. 

•  Profile A — regulated verticals: law, clinics, regional banks, accounting; 

compliance-critical; rank certification, accuracy and data sovereignty above 

price. 

•  Profile B — growth SMBs: the demand engine; 68% adoption among 10-100-

employee firms; competitive, ROI-elastic; product-led, self-serve. 

•  Profile C — prosumers/solo: $20-30/month consumer tickets, community-led 

acquisition, but fragile ~32% net revenue retention. 

•  Profile D — departments: buy below the procurement threshold; bottom-up 

land-and-expand once ROI is proven in weeks. 

•  Stated vs revealed: RFPs lead with SOC 2/HIPAA and references; deals are 

won on workflow fit and vendor credibility. 

•  Pricing shift: usage-based pricing reached 85% (from 28% in 2023), delivering 

~10% higher NRR; outcomes follow. 

•  Retention math: enterprise retains ~5.8x better than SMB on ~24-month 

contracts — mix shapes durability and multiple. 

•  Six GTM gaps: EU presence, certification stack, vertical specialization, 

marketplace distribution, data assets, and retention engineering — all 

acquirable. 
 



  Final User Profiles and Criticality 

Profile A: Regulated vertical buyers (law firms, clinics, 
regional banks, accounting practices).  
These users require AI products to manage compliance, risk, and 

cost-to-serve in document-heavy, rule-bound workflows. 

Criticality is high and non-discretionary: a personal-injury firm 

using EvenUp to draft demand letters, or a clinic using an AI 

scribe, buys because the tool compresses billable hours and 

reduces error/fine exposure, not for novelty [1]. Specific 

challenges shaping purchasing: regulatory complexity (HIPAA, 

privilege, court-filing rules), audit-trail requirements, and the cost 

of a single compliance failure. These buyers tolerate higher price 

and longer onboarding in exchange for certification and reliability, 

which is why the products serving them retain best. 

Profile B: Growth-oriented SMBs (10 to 100 employees).  
The demand engine of the lower market. US adoption among 10-

to-100-employee firms hit 68% in 2025 [2]. Criticality is 

competitive rather than regulatory: 82% of small businesses think 

adopting AI is essential to stay competitive [3]. They buy 

marketing, sales, and customer-support tools (the top three SMB 

use cases at 53%, 49%, 46%) [4]. Challenges: lack of in-house 

skills (40%), budget (40%), integration complexity (38%), and 

data-privacy worry (38%) [5]. Purchasing behavior is fast, self-

serve, and ROI-sensitive; these buyers abandon tools that do not 

show measurable impact within a quarter. 

 

Profile C: Prosumers and solo operators (creators, freelancers, indie 
developers).  
They buy horizontal tools (image, writing, code) at $20 to $30/month consumer 

tickets. Criticality is productivity, not compliance; switching costs are near zero. 

Midjourney's roughly 1.4m paying subscribers served by ~11 people 

exemplifies the volume economics [6]. These users are the most substitutable 

and price-elastic, which is exactly why standalone products serving them are 

weak acquisition targets unless brand or community creates lock-in. 

Profile D: Single departments inside mid-market and enterprise.  
A marketing team, a RevOps function, or a support desk buys a point AI tool 

on a department budget below the procurement threshold that would trigger 

heavy IT and legal review. Criticality is operational efficiency; the buyer is a line 

manager, not a CISO. This "land at the department" motion is the wedge for 

vertical agents (1mind's sales agent, AirOps for AI-search optimization) [7] and 

is attractive because it shortens sales cycles, though it caps initial deal size. 

 



  

User Expectations and Buying Criteria 

Highly regulated (non-discretionary) users value, in order: 

certification and audit-readiness; reliability and accuracy (human-

in-the-loop where stakes are high); data sovereignty and security; 

domain depth; then price. Discretionary users (SMBs, prosumers) 

value, in order: time-to-value and ease of use; measurable ROI; 

price; integration with existing tools; then brand/trust. The 

divergence is the central GTM fact of the lower market: the same 

AI capability must be sold on compliance to Profile A and on 

speed-and-price to Profiles B and C. 

 

Switching costs and price elasticity follow directly. Profile A and 

Profile D buyers who embed an AI tool into a regulated workflow 

or system of record face high switching costs (re-validation, 

retraining, audit-trail continuity), which suppresses price elasticity 

and supports NRR of 110%+ and premium pricing. Profile B 

SMBs have moderate switching costs and moderate elasticity. 

Profile C prosumers have near-zero switching costs and high 

elasticity, which is why sub-$50/month AI-native plans retain at 

only 32% versus 85% above $250/month [10]. The investment 

implication: a small company's user mix is a leading indicator of 

its retention, its multiple, and its bolt-on-versus-acqui-hire 

classification 

. •  Buying Criteria Matrix 

Criterion Profile A: 
Regulated vertical 

Profile B: 
Growth SMB 

Profile C: 
Prosumer/solo 

Profile D: 
Department 

buyer 

Certification/compliance 
stack Critical (1) Low Negligible Medium 

Time-to-value / ease of 
use Medium Critical (1) Critical (1) High 

Measurable ROI High Critical (2) Medium Critical (1) 

Price / ticket size Low-Medium High (2) Critical (2) Medium 

Domain depth / workflow 
fit Critical (2) Medium Low High 

Data 
sovereignty/security High Medium Low Medium-High 

Brand / trust / references High Medium High 
(community) Medium 

Integration with system 
of record Critical (3) High Low High 

 



   
 

Go-to-Market Strategies (per end-user segment) 

Selling to Profile A (regulated verticals).  
The winning motion is channel-and-trust-led, not paid-acquisition-led. Legal AI sells through bar associations 

and legal conferences; healthcare AI closes through EHR-vendor partnerships and medical conferences [11]. 

Marketing is reference- and proof-driven (case studies, named design partners) because the buyer's risk is 

professional and regulatory. Partnerships are the moat: Abridge's EHR integrations and EvenUp's on-platform 

human-in-the-loop quality control are GTM and defensibility simultaneously [1]. For a small company, the right 

GTM here is a few deep vertical channel partnerships, not broad demand-gen; for an acquirer, those 

partnerships are a transferable asset that justifies premium. 

Selling to Profile B (growth SMBs). 
 Product-led growth and digital self-serve dominate; PLG hit 55% adoption and product-qualified leads convert 

5x to 6x better than marketing-qualified leads [12]. The motion is free trial or freemium, fast onboarding, and in-

product upgrade prompts at usage thresholds. CAC discipline is decisive: email-led acquisition runs ~$53 per 

customer versus ~$937 for social ads, a 17.7x spread, so content and SEO beat paid social for these tickets 

[13]. Marketplaces matter: small vendors reach SMB buyers through Salesforce AgentExchange, AWS 

Marketplace, and the GPT Store, trading 20% to 30% platform fees for built-in distribution [14][15]. 

Selling to Profile C (prosumers/solo).  
Community-and-virality-led. Midjourney runs the largest Discord server (21m+ members) and acquires users 

through visible community output rather than a sales team [6]. The motion is charge-from-day-one subscription, 

no enterprise sales, relentless product focus. For an acquirer this is the highest-risk GTM to underwrite because 

the community can migrate; the asset is the community and brand, not contracts. 

Selling to Profile D (department buyers).  
Bottom-up land-and-expand below procurement thresholds. The vendor targets a single workflow owner, proves 

ROI in weeks, then expands to adjacent teams. Marketplaces and usage-based pricing reduce procurement 

friction (Salesforce Flex Credits enable seat-, usage-, or consumption-based entry) [16]. The risk is that 

departmental deals stall at expansion when IT/security review finally triggers; the GTM gap is often the absence 

of the certification stack needed to convert a departmental beachhead into an enterprise contract. 

 



Pricing Logic and Retention Mechanics 

Pricing logic in the lower market is migrating from seat-based subscription 
toward usage- and outcome-based models. 

 Usage-based pricing adoption reached 85% (up from 28% in 2023) and delivers 

roughly 10% higher NRR, 22% lower churn, and 2x faster growth [17]. The 

conceptual split: horizontal tools (Profile C) price on simple subscription tiers; 

vertical agents (Profile A/D) increasingly price on outcomes (per demand letter, 

per resolved ticket) because owning the acceptance criteria lets them route to 

cheaper models and protect margin [18]. Cost-plus pricing is rare and dangerous 

in AI because token-cost pass-through exposes the vendor to API-price volatility; 

the strongest small companies price on value delivered, not on a markup over 

inference cost. 

Retention mechanics separate durable assets from disposable ones.  

Long-term relationships, embedded workflows, and high switching costs are the 

levers. Quantified benchmarks for diligence: median B2B SaaS annual logo 

churn is 3.5% (2.6% voluntary, 0.8% involuntary) per Recurly's 2025 data [19]; 

median private-SaaS NRR slid from ~105% (2021) to ~101% (2024), with SMB-

focused tools at roughly 97% median NRR (which is at-benchmark, not failing, 

for that segment) and enterprise tiers at 115% to 125% [20][21]. Median revenue 

per employee for private SaaS hit ~$129,724 in SaaS Capital's 2025 survey, 

against the far higher AI-native figures [22]. The retention-to-valuation translation 

is direct: lower-middle-market SaaS with under 3% churn and NRR above 110% 

command 8x to 12x ARR, while 8%+ churn trades at 3x to 5x or less [23]; public 

SaaS above 120% NRR traded near 9.3x EV/revenue versus 3.1x below 100% 

[10]. 

Tenure benchmarks: enterprise customers show 5.8x better retention than SMB 

customers and average 24.3-month contracts, while SMBs run shorter terms with 

lower switching costs [24]. For the lower market this means a small company 

selling annual contracts into regulated verticals will show longer tenure and 

higher multiples than one selling monthly prosumer subscriptions, even at 

identical ARR. 

 

 

 



   



  

Strategic GTM Gaps and M&A Relevance 
The lower market is fragmented enough that GTM gaps are abundant and acquirable. Six specific gaps: 

Gap 1: No local presence / regulatory footprint in the EU.  

Underlying end-user pain: EU regulated buyers need AI Act- and GDPR-compliant, data-sovereign deployment, and 

six in ten EU/UK startups report delayed frontier-model access [25]. The capability that fills it: a small EU-domiciled 

vertical AI vendor with compliant on-prem or open-weight deployment. The M&A move: a US small-cap acquirer buys 

an EU-compliant vertical tool to gain market access and a CE-marked compliance posture rather than building it (€200k 

to €500k and 2-to-3-year timelines to do organically) [26]. 

Gap 2: Certification stack missing to convert departmental beachheads.  

Pain: Profile D departmental deals stall when IT/security review triggers and the vendor lacks SOC 2/HIPAA. The 

capability: a complementary compliance/governance layer (e.g., explainable-AI runtime with audit trails like Meibel) 

[27]. The move: bolt a $7m-seed-scale governance startup onto an application-layer portfolio company to unlock 

enterprise expansion; this is a hire-or-acquire decision where acquiring the team is faster. 

Gap 3: Vertical specialization gaps in clunky-sales-cycle industries. Pain: law, government, and hospitals have long 

sales cycles and idiosyncratic workflows that horizontal tools cannot serve. The capability: a vertical agent with 

proprietary domain data that "blocks out competition" in that niche [28]. The move: strategic tuck-in of a sub-$50m-

round vertical agent (the Thomson Reuters/Materia/Noetica playbook of converting a venture stake into an acquisition) 

[29]. 

Gap 4: Distribution white space in marketplaces and channels.  

Pain: small vendors with good products cannot reach SMB buyers cost-effectively (social-ad CAC ~$937) [13]. The 

capability: a vendor with an established marketplace presence or channel-partner network (AgentExchange listing, 

MSP/reseller relationships). The move: acquire for distribution, folding a product-strong but distribution-weak target into 

an acquirer's existing channel. 

Gap 5: Data-asset gaps under wrapper products.  

Pain: a fast-growing application has demand but no proprietary data moat and faces Sherlocking. The capability: a 

data-labeling/curation or proprietary-dataset asset (Argilla-type) that converts a wrapper into a defensible native product 

[30]. The move: acquire a small data-tooling team to deepen a portfolio application below the model layer, raising its 

NRR and multiple. 

Gap 6: Retention/expansion engineering gap in prosumer assets.  

Pain: Profile C products with strong tops-of-funnel but 32% NRR at low price points [10]. The capability: a team or 

product that adds workflow depth and multiplayer/collaboration features to lift switching costs. The move: acqui-hire 

the product talent and re-platform toward a $250+/month workflow tier where retention reaches 85%; this is the classic 

"turn an acqui-hire into a bolt-on" value-creation play. 



  
 



   



  

Supplier Ecosystem 

Executive Summary 

A fifteen-person AI startup in 2026 does not own its means of production: it rents intelligence from a handful of model providers, rents compute from a GPU oligopoly 

whose prices it cannot influence, and depends on a thin band of tooling and capital suppliers. Nine supplier categories bind it in descending order of leverage-loss — 

foundation-model APIs at the top, then compute/GPU capacity, open-weight ecosystems (the one supplier that lowers build cost), data labeling, MLOps tooling, vector 

databases, observability, capital, and the regulatory bodies that grant the right to operate. The defining exposure is single-foundation-model lock-in, and the cruel twist 

is that falling API prices — the thing that should help — compress the wrapper’s only margin. Switching cost, and therefore deal quality, is whatever proprietary data 

and workflow the company has manufactured. 

•  Foundation-model APIs: top of the dependency stack; a wrapper routes its 

core function through OpenAI, Anthropic, Google or an open-weight host, 

paying per token. 

•  Compute/GPU: a small team rents H100 time from neoclouds at $2,000-

$5,000/month to self-host, with no leverage over price. 

•  Open-weight ecosystems: the one supplier that lowers build cost — Qwen, 

DeepSeek, Llama, Mistral, Gemma, GLM, Kimi can be fine-tuned and self-

hosted. 

•  Tooling band: MLOps (Fireworks, Together, Baseten, Modal, Replicate), vector 
DBs (Pinecone, Weaviate, Qdrant, Chroma) and observability (Braintrust, Arize, 

Langfuse). 

•  Capital as supplier: the one input a pre-revenue company cannot make; US 

seeds run $3-8m with a 1.5-2x AI valuation premium. 

•  Single-model lock-in: prompts, function schemas, fine-tunes and eval 

harnesses bind to one provider — the defining structural exposure. 

•  Margin math: SaaS runs 70-90% gross margin; AI wrappers 50-60% (25% or 

negative for the fastest-growing) as inference is a real variable cost. 

•  Where to play: silicon is off-limits; internalize proprietary data, compliance 

tooling or inference optimization, where small targets actually exist. 

 



  Supplier Categories and Value Contributions 

The small AI company's supply side splits into nine categories, ranked here by 

how tightly each binds the company and how little leverage the company holds. 

Foundation-model API providers sit at the top of the dependency stack. A 

wrapper or thin-application startup routes most of its core function through 

OpenAI, Anthropic, Google or an open-weight host, paying per token. This is 

not optional: the model is the product's brain. DeepSeek V3.2 lists at roughly 

$0.14/$0.28 per million input/output tokens, GPT-5.4 around $2.50/$15, and 

Claude Sonnet 4.6 around $3/$15, a spread of more than 600x across the 

model menu. The provider sets the price, the rate limits, the deprecation 

schedule, and increasingly the competing product. The small company 

integrates this as an HTTP call, which is exactly the problem: the technical 

core is someone else's endpoint. 

Compute and GPU-capacity suppliers matter for any company that fine-

tunes, self-hosts an open-weight model, or trains anything proprietary. The 15-

person team does not negotiate with Nvidia; it rents H100 time from neoclouds 

like RunPod, Lambda, Vast.ai, CoreWeave, Together, Fireworks or Baseten. 

H100 on-demand rates fell from above $7/GPU-hour in early 2024 to a cohort 

median near $2.99 by 2026, with neocloud floors as low as $1.49-$2.01, while 

hyperscalers (AWS, Azure, GCP) sit 3x-6x higher.  

Open-weight model ecosystems are the one supplier category that 

lowers the small company's build cost rather than raising it. Qwen 3.5, 

DeepSeek V4, Llama 4, Mistral, Gemma 4, GLM-5 and Kimi K2.6 can be 

downloaded, fine-tuned and deployed under permissive licenses (Apache 2.0 

for Qwen, Gemma and Mistral Large 3; MIT for DeepSeek V4). The Qwen 

family alone crossed 700 million Hugging Face downloads. For a small 

company, an open-weight model converts a variable per-token cost into a fixed 

GPU bill, breaking even against hosted APIs at roughly 50 million tokens per 

month. Below that threshold, the hosted API is cheaper; above it, self-hosting 

pays.  

Data labeling and curation suppliers feed any company building or fine-

tuning a model. The frontier-lab tier (Surge AI, Scale, Mercor) is out of reach 

for a small company's budget, but the same firms increasingly offer self-serve 

or scaled-down packages, and boutiques like Prolific (a 35,000-member vetted 

panel), Toloka (pay-as-you-go multilingual crowdsourcing), Label Studio, 

SuperAnnotate and Labelbox serve smaller buyers 

 

 

MLOps and tooling SaaS covers fine-tuning, inference-serving, 

orchestration and deployment platforms: Fireworks, Together, Baseten, Modal, 

Replicate. These abstract away containerization, autoscaling and GPU 

orchestration so a small team can deploy an open model in seconds. Baseten 

claims up to 40% cost savings versus in-house deployment; Fireworks claims 

up to 40x faster performance and 8x lower inference cost than baseline.  

Vector and retrieval databases are the storage layer for retrieval-

augmented generation (RAG), the dominant pattern for grounding a small app 

in proprietary data. Pinecone (managed, serverless, 2GB free tier), Weaviate, 

Qdrant, Chroma and pgvector compete here. For a typical RAG app indexing 

1-5 million chunks, Pinecone runs $100-$500/month, while Qdrant self-hosted 

on a $30/month Hetzner VPS handles 10M+ vectors.  

Observability and evaluation tooling (LangSmith, Arize/Phoenix, 

Braintrust, Langfuse, Helicone) lets a small team know whether its agent is 

degrading. Braintrust raised an $80m Series B led by Iconiq at an $800m post-

money valuation in February 2026, with a16z, Greylock, Elad Gil and Basecase 

participating and customers including Notion, Replit, Cloudflare and Ramp; 

Arize raised a $70m Series C; Langfuse was acquired by ClickHouse in January 

2026.. 

Capital providers are a supplier of the one input a pre-revenue AI company 

cannot manufacture: runway. US seed rounds now run $3-8m (median YC seed 

~$3.1m), AI-attached seeds command a 1.5-2x valuation premium, and the Bay 

Area captured a third of US seed deals in 2025. The capital supplier sets dilution 

(~20% at seed), milestones, and, increasingly, demands proof of defensibility 

before writing the check. 

Regulatory and standards bodies function as a non-negotiable supplier of 

the right to operate. The EU AI Act, the GPAI Code of Practice, the Agentic AI 

Foundation (which now houses the Model Context Protocol), and US export-

control regimes (BIS) set the rules a small company must build against. Unlike 

commercial suppliers, these cannot be switched. 



  
 



  Structural Interdependencies and Switching Costs 
The defining dependency for a thin-application company is single-

foundation-model lock-in. When a startup builds against one provider's 

API, its prompts, its function-calling schema, its fine-tunes and its 

evaluation harness are all tuned to that model's quirks. Migrating to 

another provider means re-engineering prompts, re-running evals, re-

validating outputs and often re-fine-tuning, work that can consume an 

engineering team for weeks. This is why Anthropic's 2025 introduction of 

Priority Service Tiers, which reportedly doubled infrastructure costs for 

some enterprise clients overnight, is so dangerous to a small wrapper: a 

20% input-cost shock with no migration path is not a dependency, it is an 

existential exposure. 

The margin math makes the exposure concrete. Traditional SaaS runs 

70-90% gross margins; AI wrappers run 50-60% on a good day, and the 

fastest-growing AI startups have operated at 25% or even negative gross 

margins because every inference call carries real COGS. Bessemer 

documented this spread in its State of AI 2025 report. Cursor's gross 

margins were reportedly negative in mid-2025; Manus's Standard tier 

sold credits at roughly 0.5 cents against a cost-to-serve nearer 0.85 

cents, a deliberate below-cost land-and-expand that only works if the 

company can later raise prices or negotiate cheaper infrastructure, which 

most cannot. 

Vector databases and observability tools carry lower switching costs by 

design, which is why they are weaker suppliers. Pinecone's lock-in is 

shallower than people remember because the data shape is portable; a 

team can move embeddings to Qdrant or pgvector in a controlled 

migration. LangSmith is the exception: its observability is deeply coupled 

to LangChain's abstractions, so a team built on LangChain faces 

rebuilding its observability layer from scratch if it leaves, a genuine lock-

in that LangSmith monetizes. 

 

 

Ecosystem Challenges and Disruptions 

Supplier concentration is the structural risk. CB Insights data cited across 

2025-2026 coverage indicates roughly 70% of AI funding concentrated in a 

handful of foundation labs, and the same small set of providers serves the 

entire application layer. When the supplier and the competitor are the same 

entity, the small company has no recourse: it cannot threaten to switch to a 

rival because the rival is also a customer-eating platform. 

API price volatility runs in both directions and neither is safe. Falling prices 

compress wrapper margins; rising prices (Anthropic's Priority Tiers, the plateau 

in top-tier and reasoning-model pricing noted in late-2025 tokenomics 

coverage) blow up unit economics for token-heavy agentic workflows. A single 

user query that triggers a RAG pipeline, a reasoning model and several tool 

calls can consume tens to hundreds of times the tokens of a direct prompt, so 

the small company's costs are non-linear in user activity and largely 

unforecastable. 

Regulatory rigidity hits small companies disproportionately. The EU AI Act's 

high-risk obligations (risk-management systems, data governance, technical 

documentation, human oversight, conformity assessment, EU database 

registration) carry fixed compliance costs that a 15-person team absorbs far 

less easily than an incumbent. Per Article 99(3), the Act's top fines reach up to 

35,000,000 EUR or, if the offender is an undertaking, up to 7% of its total 

worldwide annual turnover for the preceding financial year, whichever is higher.  

 

 



   

Strategic M&A and Vertical Integration 
Opportunities 

For a small AI company or a small-cap acquirer, the strategic question is 

which supplier dependency to internalize to protect margin and defensibility. 

The white spaces are clearest in three areas. 

First, inference and model optimization. Nvidia's buying spree 

validated the category: it absorbed OctoAI (reportedly ~$165m, September 

2024), Deci (reportedly ~$300m), CentML (reportedly up to $400m, mid-

2025) and Lepton AI (reportedly several hundred million). These specific 

deals mostly exceed the $100m band, but they signal that small teams 

(Lepton had ~20 employees and had raised an $11m seed; CentML's ~15-

18 engineers) which make models cheaper to run are acquisition gold. A 

small-cap acquirer or a well-funded application company can buy a sub-

$100m inference-optimization boutique to cut its own COGS and reduce 

GPU-supplier dependency. AMD's June 2025 acquisition of Brium, a 

model-compilation startup attacking Nvidia's CUDA moat, is the same logic 

at the silicon layer. 

Second, data-labeling and curation boutiques. Acquiring a vertical-

specialized labeling shop secures proprietary training data, the asset that 

converts a wrapper into a defensible vertical-AI business. Uber's October 

2025 acquisition of the Belgian labeling startup Segments.ai (undisclosed, 

bolt-on) shows a non-lab buyer internalizing data supply. Micro1 grew from 

$7m to $50m ARR in 2025 on expert-vetting plus workforce management; 

smaller still-private labeling boutiques sit in clear sub-$100m range. 

Third, fine-tuning and MLOps tooling. A small platform company can 

bolt on a fine-tuning toolmaker or an MLOps control-plane to own more of 

the stack: TrueFoundry's 2025 acquisition of Seldon (startup-buys-startup 

MLOps consolidation) is the template. Vector-database and eval tooling are 

adjacent targets, though their low switching costs make them weaker moats 

than data or inference. 

 



  

Supplier category Captured or 
Lock-in Source of power Switching cost to small co. Margin/defensibility 

impact 

Foundation-model APIs Lock-in 
(severe) 

Proprietary models, distribution, 
can ship your feature 

High (prompt re-engineering, re-
fine-tune, eval rebuild) 

Sets the wrapper's gross 
margin; existential 

GPU/compute 
(neoclouds + 
hyperscalers) 

Lock-in 
(moderate-

high) 
Hardware scarcity, capacity 

allocation 
Moderate (workload migration, 

egress fees) 
COGS line scaling with 
usage; uncontrollable 

Open-weight 
ecosystems 

Captured 
(favorable) Free weights, permissive licenses Low (model-swap) but needs 

GPU+MLOps 
Lowers build cost; the 

small co.'s friend 

Data labeling/curation Mixed Expert workforce, quality QA Moderate (re-labeling) Supplies the data moat 

MLOps/inference tooling Lock-in 
(moderate) Optimization IP, ops abstraction Moderate Cuts COGS, avoids infra 

hire 

Vector/retrieval DBs Captured 
(weak lock-in) Convenience, managed ops Low (portable data shape) Low; commoditizing 

Observability/eval 
Mixed 

(LangSmith 
higher) 

Framework coupling Low-to-moderate Quality assurance; light 
lock-in 

Capital/VCs 
Lock-in 
(stage-

dependent) 
Scarce runway, follow-on 

signaling High (down-round risk) Sets survival runway and 
dilution 

Regulatory/standards 
bodies 

Lock-in 
(absolute) Legal authority Infinite (cannot switch) Fixed compliance cost, hits 

small co. hardest 
 



   



  

Complementary Solutions 

Executive Summary 

Complements are the tools, marketplaces and services that sit beside a small AI company’s core product and make it worth more — they extend the value proposition, 

deepen lock-in, and convert one-off usage into recurring revenue. A supplier feeds the core, a substitute replaces it; a complement extends it. Nine categories matter 

for a small company in 2026: vector/RAG databases, orchestration frameworks, the newly consequential agent marketplaces, observability and evaluation, integration 

and connector layers (above all the Model Context Protocol), data enrichment, vertical compliance and governance, and usage-metering/billing. In practice they stack, 

and several build data or workflow moats foundation-model providers cannot easily absorb — which is precisely why the complement layer is among the most 

actionable lower-market hunting grounds. 

•  Vector / RAG: Pinecone, Weaviate, Qdrant, Chroma hold the proprietary corpus 

that turns a generic model into a grounded product. 

•  Orchestration: LangChain/LangGraph, LlamaIndex and emerging Vercel agent 

frameworks wire models, tools and memory into multi-step workflows. 

•  Agent marketplaces: Salesforce AgentExchange, Claude Marketplace, the 

GPT Store and Gemini Agentspace are the newest, most consequential 

complement — distribution. 

•  Observability: Braintrust ($80m Series B at $800m), Arize, Langfuse, Helicone 

prove the product works — a precondition for serious customers. 

•  Integration / MCP: the Model Context Protocol lets a small product plug into 

Slack, GitHub, Salesforce and Postgres without bespoke engineering. 

•  Data enrichment: Clay (a $3.1bn Series C) and its waterfall of 130+ sources 

feed external signal into vertical and GTM products. 

•  Compliance & metering: EU AI Act conformity tooling and usage-metering 

(Metronome, Orb, Stripe) plug the governance and billing gaps. 

•  M&A thesis: roll observability + evaluation + governance into one AI-operations 

platform whose moat is proprietary telemetry. 

 



  Defining the Complementary Landscape 

Complements differ from suppliers in direction of value and from substitutes 

in intent. A supplier feeds the core; a complement extends it; a substitute 

replaces it. The categories that matter for a small AI company in 2026: 

Vector and retrieval databases complement any RAG-based product by 

holding the proprietary corpus that grounds the model. Pinecone, Weaviate, 

Qdrant and Chroma turn a generic LLM into a product that answers from the 

customer's own documents. They are complementary, not core, because the 

small company does not build the database; it composes its product on top. 

Orchestration frameworks (LangChain/LangGraph, LlamaIndex, the 

emerging Vercel agent frameworks) wire models, tools and memory into 

multi-step workflows. They let a small team ship agentic behavior without 

building the plumbing. 

Agent marketplaces and app stores are the newest and most consequential 

complement: Salesforce AgentExchange, Anthropic's Claude Marketplace, 

OpenAI's GPT Store, Google's Gemini Enterprise/Agentspace, Microsoft 

Marketplace, plus developer hubs (Hugging Face Spaces, MCP hubs, Replit). 

They give a small company distribution it cannot buy. 

Observability and evaluation tooling (Braintrust, Arize, Langfuse, 

LangSmith, Helicone) complements the core by proving it works, a 

precondition for selling into any serious customer 

Integration and connector layers, above all the Model Context Protocol 

(MCP), let the small company's product plug into the customer's systems of 

record (Slack, GitHub, Salesforce, Postgres) without bespoke engineering. 

Data-enrichment providers (Clay, and the 130+ data sources it waterfalls) 

complement vertical and GTM-focused AI products by feeding them external 

signal. 

Vertical compliance and governance layers (model audit, content labeling, 

EU AI Act conformity tooling) complement products selling into regulated 

buyers. 

Billing and usage-metering tools (Metronome, Orb, and Stripe's usage-

based primitives) complement any AI product that needs to bill per token or 

per outcome without margin leakage. 

 

 



   

Practical Use Cases and Workflow Integration 

In practice these complements stack. A vertical-AI startup selling legal-

document review composes a foundation-model API (core capability), a 

vector database holding the client's contracts (Pinecone or Qdrant), an 

orchestration layer (LangGraph) to run the multi-step review, an eval harness 

(Braintrust) to catch regressions, MCP connectors into the client's document 

store, and a usage-metering layer (Orb or Metronome) to bill per document. 

None of these is the company's core IP; together they make the product 

deployable and sticky. 

Data enrichment shows the pattern at scale. Per TechCrunch, Clay raised a 

$100 million Series C at a $3.1 billion valuation in a round led by CapitalG on 

5 August 2025, and CEO Kareem Amin told the New York Times the company 

expects to end the year with $100 million in revenue, which would triple its 

revenue from the prior year. Clay waterfalls 130+ data providers so a GTM-

focused AI product can enrich a lead before acting on it. Clay's own 

customers (Anthropic reportedly 3x'd its enrichment rate; Mistral cut TAM-

mapping from two months to ten days) illustrate how a complement deepens 

a workflow. For a small AI sales-automation startup, integrating Clay rather 

than building enrichment is the difference between shipping in a quarter and 

never shipping. 

Observability integration is now table stakes. A small team wires Langfuse 

(free Hobby tier, MIT-licensed, self-hostable) or Braintrust (free 1GB+10k 

scores) from day one, then graduates to paid tiers as volume grows. The 

complement starts free, embeds in the workflow, and converts to recurring 

spend, which is exactly why these vendors raised at the valuations they did. 

Agent marketplaces are becoming the primary distribution complement. 

Salesforce AgentExchange consolidated AppExchange, Slack Marketplace 

and Agentforce into one catalog of 13,000+ listings; in its Q4 FY26 release 

(year ended 31 January 2026) Salesforce reported Agentforce ARR reached 

$800 million, up 169% year-over-year, with 29,000 deals closed, and 

launched a $50m AgentExchange Builders Initiative for ISV partners. For a 

small company, listing a productized agent into a marketplace attached to 

existing enterprise procurement plumbing is distribution it could never afford 

to build, and one marketplace cited an 80% in-product discovery rate, 

meaning the agent finds the customer rather than the reverse. 

 

Mechanisms of Value Creation and Stickiness 

Complements create stickiness by raising the cost of leaving. Each complement a 

customer adopts alongside the core (the connectors it has wired, the evals it has 

tuned, the enriched data it has accumulated, the usage history in its billing system) 

is sunk cost that makes migration painful. A small company that ships only a core 

feature is trivially replaceable; one that has become the hub of a customer's 

connected workflow is not. 

The transition from one-off to recurring revenue runs through metering. AI products 

are abandoning flat seat pricing for hybrid models: a predictable base plus a usage 

component that scales revenue with consumption. Stripe's 2026 AI-pricing 

guidance frames the playbook: overage pricing at 1.5-3x in-tier rates, margin-based 

markup rather than cost-plus, and contractual separation of the value metric from 

the cost metric so the company absorbs foundation-model deflation as margin 

improvement rather than passing it through as a price cut. The billing/metering 

complement is what makes this operationally possible for a team without a finance 

org. 

Stickiness also repositions the small company from vendor to strategic partner. 

When a startup's product sits at the center of a customer's agent stack, connected 

via MCP to the customer's systems and billed on outcomes, the relationship 

becomes infrastructural. That repositioning is what justifies a higher acquisition 

multiple: an acquirer is buying not a feature but an embedded workflow with 

switching costs attached. 



  

Trends and Technological Convergence 
MCP is the defining convergence. Introduced by Anthropic in November 2024, 

adopted by OpenAI in March 2025 and by Google DeepMind and Microsoft shortly 

after, donated to the Linux Foundation's Agentic AI Foundation in December 2025, 

MCP turns the N x M integration problem (every AI app times every tool) into N+M. 

Anthropic's December 2025 ecosystem update cited more than 10,000 active 

public MCP servers and 97M+ monthly SDK downloads; a May 2026 registry pull 

counted 9,652 server records, and GitHub showed 15,926 repositories tagged 

mcp-server. For a small company, MCP collapses integration cost: build one 

server, connect to every MCP-compatible host. The flip side is commoditization of 

the connector itself, which the substitution section examines. 

Agent marketplaces are converging with open protocols. Anthropic's Claude 

Marketplace (launched March 7, 2026) charges zero commission to deepen 

ecosystem lock-in rather than extract transaction fees, while OpenAI's GPT Store 

reportedly pays most creators only ~$0.03/conversation, a warning that 

marketplace presence is distribution, not monetization. Agent Skills (Anthropic's 

December 2025 spec, now under the AAIF and adopted by Microsoft, OpenAI, 

Figma, Cursor and GitHub) lets a skill built for one host run on another, 

commoditizing the proprietary-agent layer. 

No-code/low-code convergence (n8n, Zapier, Make, Lindy, Gumloop, Relevance 

AI) lowers the barrier to assembling complements into working agents, which 

simultaneously empowers small companies and arms their customers to build in-

house. Observability and evaluation are bundling: Braintrust's thesis is that 

observability and evaluation should be one workflow, not two, and the market is 

consolidating around that view. 



  

Strategic M&A and Digital Transformation 

For a sub-$100m acquirer, the complementary layer offers cleaner targets than the core. The logic, per FE International's 2026 framing, 

is that buyers pay premiums for proprietary data, AI embedded in the core (not bolted on), net revenue retention above 120%, and gross 

margins that absorb inference cost. Complements that own proprietary data or an embedded workflow qualify. 

The white spaces: 

Data-enrichment and proprietary-signal assets. A small-cap vertical-software acquirer can buy a niche enrichment or data boutique to 

feed its AI products a signal competitors cannot replicate. The data is the moat, and small enrichment shops sit well within the band. 

Vertical compliance/governance layers. As the EU AI Act's high-risk obligations bite from December 2027, a small company that has 

built conformity tooling for a specific vertical (medical-device AI, credit, employment) becomes an attractive bolt-on for any platform 

selling into that regulated buyer. OpenAI's January 2026 acquisition of Torch Health and its build-out into regulated verticals signals the 

demand. 

Observability/eval consolidation. ClickHouse's January 2026 acquisition of Langfuse and the wave of eval-tooling acqui-hires (OpenAI 

bought Context.ai and the open-source Promptfoo; Anthropic bought Humanloop) show that small eval/observability teams are being 

absorbed into larger platforms. A small-cap acquirer wanting an instant quality-assurance capability can buy rather than build. 

Connector/integration platforms. With MCP commoditizing bespoke connectors, the durable value migrates to the governance, registry-

trust and observability layers above the raw protocol. A small company owning enterprise-grade MCP governance (auth, audit, runtime 

isolation) is a defensible target as marketplaces demand those controls. 

The discipline mirrors the supplier section: acquire the complement that secures proprietary data, internalizes a platform the company 

would otherwise rent, or moves the company up the value chain into software-enabled services. Avoid complements that the protocol 

standard (MCP) or the marketplace owner (Salesforce, Anthropic) is commoditizing. 

 



  

•  Complementary vs Core Value Matrix 

Complement category Cost leadership or 
Differentiation 

Data moat or Technical 
moat Stickiness mechanism Small-deal relevance 

Vector/retrieval DBs Cost leadership Weak (portable) Accumulated embeddings Low; commoditizing 

Orchestration frameworks Differentiation Technical (light) Workflow wiring Moderate 

Agent marketplaces Differentiation (distribution) Neither (owned by 
platform) Discovery + procurement lock-in High as channel, low as 

asset 

Observability/eval Differentiation Technical Tuned eval suites, framework 
coupling High (active M&A) 

Integration/MCP layer Cost leadership Technical (governance 
layer) Wired connectors High at governance layer 

Data enrichment Differentiation Data moat (strong) Accumulated enriched data High 

Compliance/governance Differentiation Data + regulatory moat Audit trails, certifications High (regulated verticals) 

Billing/usage metering Cost leadership Technical (light) Usage history, billing integration Moderate 

 



   



  

Substitute Solutions 

Executive Summary 

A substitute does not extend a small AI company’s product; it removes the reason to buy it, and for a wrapper or thin-application startup substitution is the single most 

lethal force in 2026 because the most credible substitute is often free. Six categories threaten the small company, ranked by credibility: foundation-model providers 

shipping the feature natively (“Sherlocking”, the fastest and most credible), open-weight models erasing a wrapper’s edge, customer in-house builds as build cost falls 

below buy cost, no-code/DIY agent builders, horizontal incumbents bolting the capability onto a suite the customer already owns, and consulting/services at the 

complex high end. Feasibility depends entirely on what the adopter must supply — Sherlocking demands nothing, self-hosting demands the most  and the deal rule 

follows: only proprietary data, workflow depth and accreditation defend against it. 

•  Sherlocking: the most credible and fastest substitute; a native feature in a 

product the customer already uses, often free — it killed “ChatGPT-for-PDF” 

overnight. 

•  Open-weight erosion: Qwen, DeepSeek and GLM at GPT-4-class under 

permissive licenses erase any edge a wrapper claimed from model access. 

•  In-house build: as AI lets a team ship an app in a weekend, customers with 

engineering capacity replicate thin products. 

•  No-code agent builders: n8n, Zapier, Make, Lindy and Gumloop let non-

engineers assemble the workflow the small company sells. 

•  Incumbent bundling: Salesforce, Microsoft, ServiceNow and Adobe bolt the 

capability onto suites customers already own (ServiceNow spent $11.6bn on 

security in 2025). 

•  Services substitution: at the regulated, complex high end a bespoke 

engagement can replace a productized tool. 

•  Feasibility test: what must the adopter supply? Sherlocking demands nothing; 

self-hosting demands GPUs, MLOps and maintenance. 

•  Deal rule: infra/data-native with proprietary data survives and earns ARR 

multiples; pure wrappers are acquihires priced for the team. 
 



  

Defining the Substitute Landscape 

Six substitute categories threaten a small AI company, ranked by credibility. 

Foundation-model providers shipping the feature natively ("Sherlocking") is the most 

credible and the fastest. When OpenAI added native PDF upload and cross-document 

search, it rendered an entire category of "ChatGPT for PDFs" startups obsolete; when 

it launched SearchGPT, AI-search wrappers lost their differentiation. The dynamic is 

precise but accelerated versus Apple's historical Sherlocking: a foundation lab can ship 

a competing feature as a model update in weeks, not at an annual conference, because 

the platform provider and the capability provider are the same entity. By one widely 

cited estimate, OpenAI's product cadence (GPT Store, Operator, Tasks, Canvas, 

Search) cannibalized at least 200 funded GPT-wrapper startups in 2024 alone. 

Open-weight models erasing a wrapper's edge is the second substitute. When Qwen 

3.5, DeepSeek V4 and GLM-5 match GPT-4-class performance under Apache 2.0 or 

MIT licenses, any differentiation a wrapper claimed from access to a good model 

evaporates, because the customer can now run a comparable model itself. 

Customer in-house builds substitute when the build cost falls below the buy cost. As 

AI tools let a team spin up a working app in a weekend, a customer with engineering 

capacity can replicate a thin product, especially when the product is a well-formatted 

API call. 

No-code/DIY agent builders (n8n, Zapier, Make, Lindy, Gumloop) let non-engineers 

assemble the workflow the small company sells. A customer can build a lead-

qualification agent in Lindy in 30 minutes, or self-host n8n's community edition free with 

unlimited executions. 

Horizontal incumbents adding the feature substitute when Salesforce, Microsoft, 

ServiceNow or Adobe bolt the capability onto a suite the customer already owns. 

ServiceNow spent $11.6bn on security acquisitions in 2025 (Armis $7.75bn, 

Moveworks $2.85bn, Veza ~$1bn) to build an AI control tower, turning point solutions 

into features. 

Consulting/services replacing product substitutes at the high end, where a regulated 

or complex buyer prefers a bespoke engagement (a GenAI consultancy, a systems 

integrator) over a productized tool. 

 



  

Operational Mechanics and Implementation 

The substitute's feasibility depends entirely on what the adopter must 

supply. Native Sherlocking requires the customer to supply nothing: the 

feature appears in a product they already use, often in the free tier, with 

zero migration. This is why it is the deadliest substitute, the customer 

does not switch so much as stop needing the startup. 

Open-weight self-hosting demands the most from the adopter. To replace 

a hosted wrapper with a self-hosted open model, the customer needs 

GPU access ($2,000-$5,000/month for a 400B-class model in cloud 

compute), MLOps competence (Kubernetes, vLLM, autoscaling, 

monitoring), and the willingness to own uptime. The break-even versus a 

hosted API sits north of 50 million tokens per month; below that, self-

hosting is more expensive and more fragile. So the open-weight 

substitute is credible for high-volume, technically capable customers and 

not credible for SMB or prosumer buyers. 

No-code agent builders sit in the middle. A customer needs no engineers 

but does need the patience to configure, maintain and govern the 

workflow, and accepts the platform's own limitations (Make bills per 

operation, so a moderate workflow can quickly consume a free quota; 

Zapier can get expensive when running many tasks). The substitute 

works for medium-complexity, well-defined workflows and breaks down 

for anything needing deep domain logic or reliability guarantees. 

In-house builds require the customer to carry the full cost of building, 

maintaining and improving the product, plus the opportunity cost. The 

substitute is credible when the customer's engineers are cheap relative 

to the subscription and the problem is stable; it fails when the problem 

requires continuous model and data work the customer would rather 

outsource. 

. 

Structural Value Comparison 

The decisive variable is whether the small company owns something the substitute 

cannot replicate. The recurring finding across 2025-2026 commentary is a three-layer 

defensibility test: a data moat (proprietary data that compounds with use and is not on 

the public internet), a workflow moat (embedded in a multi-step process with permissions, 

audit trails and integrations a chat interface cannot replicate), and distribution. AT&T 

Ventures' Vikram Taneja reframed seed-stage technical risk from "can they build it?" to 

"does it compound?" precisely because anyone can now build the thin version. 

The margin and multiple consequences are stark. The AI wrapper correction of 2025-

2026 saw wrapper companies with no defensibility experience multiple compression of 

50-70% despite strong revenue growth, while AI businesses with proprietary data and 

defensible model layers commanded 25-30x revenue multiples. FE International's 2026 

framing puts private AI-native deals at 8-15x revenue versus 4-6x for traditional SaaS, a 

1-3x premium driven by exactly the defensibility factors that substitutes attack. Aventis 

Advisors data shows AI companies averaging ~23.4x revenue in 2025 with extreme 

dispersion from 6x to 50x depending on defensible IP, and small deals priced on 

earnings, not revenue: micro-SaaS under $1m ARR trades at roughly 3-5x SDE, and 

ClearlyAcquired/Aventis figures put deals under $5m at ~17.2x EBITDA versus ~26.9x 

for deals above $500m. Where the substitute can fully replace the product (thin wrapper, 

no data, no workflow depth), the asset is an acqui-hire or a sub-3x-SDE micro-deal; 

where it cannot (deep vertical workflow, proprietary data), the asset commands the 

premium. 

Drivers of Substitution and Market Evolution 

Four trends are accelerating substitution and redrawing the buy-versus-build line. 

Foundation-model feature absorption is structural and continuous. As long as the 

platform provider and capability provider are the same, every popular wrapper feature is 

a roadmap item for the platform. The "Killed by AI" graveyard, tracking 92+ dead AI 

products including OpenAI's own Sora app and Assistants framework, shows the 

cadence is now measured in months. 

Open-weight parity is closing the capability gap to single-digit percentages on everyday 

tasks at 4-10x lower cost, which erodes any wrapper whose pitch was model quality. The 

Qwen family's 700m+ downloads and DeepSeek V4's MIT release mean the substitute 

is free and improving. 

Falling API prices (over 280-fold for GPT-3.5-level inference between November 2022 

and October 2024 per Stanford HAI, and roughly 80% in 2025-2026 per CloudZero) lower 

the cost of both the in-house build and the no-code alternative, while compressing the 

wrapper's margin from the other side. The buyer's build option gets cheaper exactly as 

the seller's economics get worse. 



  



  

Strategic M&A and Defensive Positioning 

The defensive M&A logic for a small AI company facing substitution is to acquire 

what the substitute cannot replicate. Three moves sit in the sub-$100m band. 

Acquire proprietary data. Buying a niche dataset, a vertical labeling boutique, or a 

small company with years of accumulated usage data converts a Sherlockable 

feature into a defensible product. The data is the one thing OpenAI cannot scrape or 

ship. Uber's Segments.ai acquisition (October 2025, undisclosed bolt-on) and the 

broader pattern of buyers paying for concrete assets (an inference optimizer, a 

feature store, a data-enrichment layer) rather than promises is the playbook. 

Deepen workflow. Acquiring a small company that owns a multi-step business 

process (permissions, approvals, integrations into systems of record) raises 

switching costs beyond what a native feature can match. Salesforce's late-2025 

string of small bolt-ons (Doti AI, reportedly ~$100m, a one-year-old Israeli enterprise-

search startup that had raised only $7m; plus Spindle, Waii, Regrello, Apromore) 

shows a platform buying workflow depth a chat interface lacks. 

Add a compliance moat. Acquiring a regulatory-licensed or compliance-tooling asset 

gives a substitute-exposed company a barrier rooted in law rather than features. As 

EU AI Act high-risk obligations bite, a small company with conformity tooling or a 

regulated-vertical license becomes both a defensive acquirer's shield and an 

attractive target. 



  
Conversely, substitute providers acquire small traditional or vertical assets to gain the credibility, data or 

regulatory standing they lack. A foundation lab or horizontal incumbent buys a small vertical-AI company 

precisely to acquire the proprietary data and domain workflow it cannot build, which is why OpenAI's 17 

acquisitions since 2023 skew toward evals, runtimes, dev tooling and regulated-vertical entries (Torch Health, 

January 2026), and why Mistral's February 2026 acquisition of the 13-person Koyeb (an acqui-hire of a French 

inference-infra team, which had raised only $8.6m) bought European inference capability. The small company 

that owns defensible data or workflow is therefore both better protected against substitution and a more valuable 

acquisition target, the two are the same asset. 

•  Substitute vs Traditional Service Matrix 

Substitute Credibility vs small 
AI co. 

Customer requirement to 
adopt Where substitute wins Where it fails 

Native feature 
(Sherlocking) Very high Nothing (already in their tool) Free, zero friction, instant No proprietary data, no vertical 

depth 

Open-weight self-host High (technical 
buyers) 

GPU + MLOps + uptime; 
>50m tokens/mo 

Cost at volume, data 
control SMB/prosumer can't operate it 

Customer in-house 
build Moderate-high Engineering capacity Stable problems, cheap 

engineers Continuous model/data work 

No-code agent builder Moderate Config time, no engineers Medium-complexity 
workflows Deep domain logic, reliability 

Horizontal incumbent 
feature Moderate-high Already owns the suite Bundled, procurement-

easy Specialized vertical needs 

Consulting/services Low-moderate Budget, time Bespoke, regulated, 
complex Scale, repeatability, cost 

 
Regulatory dependencies and data uncertainties flagged: the substitution rate for regulated verticals depends 

directly on EU AI Act timelines (high-risk obligations now 2 December 2027 after the Digital Omnibus) and on 

export-control regimes that gate open-weight self-hosting by geography; deal values for small acquisitions (Doti 

~$100m, Koyeb undisclosed) are press estimates or undisclosed, and wrapper-failure counts (200+ in 2024, 

70-90% projected) are analyst estimates, not audited figures, and should be treated as directional. 



  



  

Competitive Landscape 

Executive Summary 

Small AI companies in the sub-$100m band compete less on raw model quality than on proprietary data, vertical workflow depth and switching costs, because the 

central competitive fact of 2026 is that model access is commoditizing. The field splits into four archetypes: global multi-segment incumbents (the acquirers, not the 

competitors), regional champions that own a national or linguistic niche before a US generalist arrives, niche specialists — the largest and richest hunting ground, 

exemplified by Voyage AI, bought by MongoDB seventeen months in — and technology-enabled wrapper entrants. Differentiation runs along four structural sources: 

proprietary data, vertical workflow depth, cost position through model portability, and niche accreditation. Competition is price-driven where the product is a thin 

wrapper and trust-driven where it is embedded in a regulated workflow, and the 2025-26 reset now pays genuine AI a 30-50% premium. 

•  Four archetypes: global incumbents (acquirers), regional champions (e.g. 

Legora/Qura), niche specialists (the richest pool), and wrapper entrants. 

•  Niche-specialist template: Voyage AI — embeddings and reranking, 17 

months old when MongoDB bought it to make retrieval native. 

•  Proprietary data: Noetica’s structured database across 1.5bn+ terms is the 

kind of asset a foundation-model upgrade cannot erase. 

•  Vertical workflow depth: Materia built an agentic tax/audit assistant on 

proprietary authoritative content with only ~$6.3m raised. 

•  Cost position: abstracting the model layer and routing to cheap open-weight 

models, bursting to frontier only when needed, protects gross margin. 

•  Accreditation as moat: HIPAA, SOC 2, single-tenant and data residency are 

moats in regulated verticals where enterprises cannot transact without them. 

•  Price vs trust: thin wrappers compete on price and race to zero; embedded 

regulated products compete on trust and retain. 

•  The premium: genuine AI commands a 30-50% premium over comparable non-

AI software, but “AI-enhanced” and AI-native now price apart. 
 



  

Competitive Archetypes and Market Structure 

Global multi-segment incumbents (Salesforce, Thomson Reuters, MongoDB, 

ClickHouse) appear here only as the boundary condition: they are the acquirers, not the 

competitors, and they set the price of the foundation-model APIs and the cloud capacity 

every small company rents. Their relevance to a 15-person startup is that a feature shipped 

at a Salesforce Dreamforce keynote or an OpenAI DevDay can erase a product category 

overnight. 

Regional champions form the second archetype: small companies that own a national or 

linguistic niche before a US generalist arrives. Legora (Stockholm) consolidated Nordic legal 

AI by acquiring Qura (Stockholm, founded September 2023, having raised only about €2.1m) 

in April 2026 and the Canadian agentic-legal startup Walter earlier in 2026. Doctrine (Paris) 

built a 27,000-professional legal-research base across France, Germany, Italy, Luxembourg 

and Spain before RELX/LexisNexis moved to acquire it in April 2026. These are defensible 

because curated, jurisdiction-specific legal data is a moat a generalist model cannot scrape. 

Niche specialists are the third and largest archetype, and the richest hunting ground for 

sub-$100m deals. Voyage AI (embeddings and reranking, founded September 2023) is the 

template: 17 months old when MongoDB bought it for $220m in February 2025, with 

embedding models rated the highest zero-shot models in the Hugging Face community and 

customers including Anthropic, LangChain, Harvey and Replit. Langfuse (LLM observability, 

Berlin) reached over 20,000 GitHub stars and more than 26m SDK installs per month before 

ClickHouse acquired it in January 2026. Seldon (UK MLOps, founded 2014, having raised 

roughly $33m from AlbionVC, Bright Pixel and Cambridge Innovation Capital) sold to 

TrueFoundry in June 2026. 

Technology-enabled entrants are the fourth archetype: thin application-layer products that 

wrap a foundation model with a UI and prompt templates. Darren Mowry, the VP leading 

Google's global startup organization across Cloud, DeepMind and Alphabet, warned on 

TechCrunch's Equity podcast (February 21, 2026) that founders who simply count on the 

back-end model to do all the work and white-label it will find the industry has little patience 

left, and told founders to stay out of the aggregator business. The failure data is stark: 

SimpleClosure's "First AI Reckoning" analysis pegs roughly 90% of AI startups failing within 

their first year (against about 70% for traditional tech) on a median lifespan near 18 months, 

and FindNStart projects approximately 80% of AI-wrapper firms disappearing in the 18-

month window following early 2026 as platforms expose their lack of moats. These are acqui-

hire fodder, not platforms. 

 

 

 



  



  

Strategic Differentiation and Structural Advantages 

Small competitors differentiate on four structural sources of advantage, none 

of which is "a better prompt." First is proprietary data: Noetica (New York, 

founded 2022) built a structured database across more than 1.5 billion deal 

terms touching over $1 trillion in transactional volume, which is why Thomson 

Reuters acquired it in February 2026. The data asset, not the model, is the 

moat. 

Second is vertical workflow depth. Materia (US, founded 2022, having raised 

only about $6.3m) built an agentic assistant for tax, audit and accounting on 

a proprietary library of authoritative accounting content; Thomson Reuters 

bought it in October 2024. Depth into one regulated workflow creates 

switching costs a horizontal tool cannot match. 

Third is cost position through model portability. A company that abstracts the 

model layer and routes simple queries to cheap open-weight models, 

bursting to a frontier model only when needed, protects gross margin against 

API price moves. Cursor's migration toward its own Composer model 

(October 2025) is the large-cap version; at small scale, model-mixing across 

Llama, Mistral and commercial APIs is the equivalent discipline. 

Fourth is niche accreditation and regulatory positioning. In healthcare, legal 

and finance, compliance-native architecture (HIPAA, SOC 2, single-tenant 

deployment, data residency) is a moat in itself, because an enterprise buyer 

prefers a tool that is guaranteed compliant to a generalist that might be. Doti 

(Israel) held SOC Type II certification and offered bring-your-own-database 

deployment, part of why Salesforce paid a reported approximately $100m for 

a company that had raised only $7m. 

 

Market Positioning and Value Propositions 

Competition is price-driven where the product is a thin wrapper and trust-driven where 

it is embedded in a regulated workflow. A "ChatGPT for PDFs" tool competes purely 

on price within six months of launch and races to the bottom; a legal-research platform 

that benchmarks deal terms or a medical scribe that integrates with the EHR competes 

on accuracy, auditability and relationship.  

Value propositions shift sharply across regulatory contexts. In discretionary contexts 

(marketing copy, generic summarization) the value proposition is efficiency and the 

buyer is price-sensitive and disloyal. In mandatory or license-to-operate contexts 

(clinical documentation, audit, contract drafting) the value proposition is risk reduction 

and defensibility, and the buyer pays a premium and stays. This is why vertical AI in 

healthcare, legal and finance commands the durable multiples and the horizontal tools 

do not. 

The 2025-2026 SaaS multiple reset sharpened this divide. QuantPillar's 2026 data 

shows companies with genuine AI capabilities command a 30-50% premium over 

comparable non-AI software, but the market now separates "AI-enhanced" from "AI-

threatened," where AI agents can replace the product entirely; companies exceeding 

the Rule of 40 trade at 2-3x the EV/Revenue multiple of those below. Sales automation 

and basic CRM sit below the SaaS average; design, engineering and cybersecurity 

software command premiums. 

 

 
. 



   

M&A Logic and Consolidation Patterns 

M&A is central in this field because it is fragmented at the small end (Tracxn 

counts more than 371 data-annotation companies alone, of which only 152 are 

funded) and because building proprietary capability organically is slower than 

buying it. Four rationales dominate. Consolidating fragmented niches: 

ClickHouse's acquisition of Langfuse followed its PeerDB and HyperDX deals, 

all category-leading open-source projects already built on ClickHouse. 

Vertical entry and securing technical capability: MongoDB bought Voyage AI to 

make AI retrieval native to the database; TrueFoundry bought Seldon to add a 

production-grade MLOps inference layer beneath its agentic control plane. 

Geographic and linguistic expansion: Legora's Qura and Walter deals extended 

its jurisdictional coverage. Internalizing data and distribution: Thomson 

Reuters's Noetica and Materia deals folded proprietary datasets into 

CoCounsel. 

Competitive Threats and Barriers to Entry 
The EU AI Act is the defining regulatory force for European small companies, 

and its effect is asymmetric. There is no size exemption: a two-person startup 

selling an AI hiring tool to one German client carries the same core obligations 

as a Fortune 500. But the Act inverts the fine formula for SMEs (the lower of 

fixed amount or turnover percentage) and mandates priority, fee-free 

regulatory-sandbox access. The May 2026 Digital Omnibus pushed Annex III 

high-risk deadlines from August 2026 to December 2027 and targets a 35% 

administrative-burden reduction for SMEs. Net effect: compliance is a barrier 

to entry that a well-prepared small company can turn into a moat (compliance-

native positioning), while an unprepared one faces a company-ending legal 

risk. 

Foundation-model feature absorption ("Sherlocking") is the second threat. 

When OpenAI added PDF upload in November 2023 it rendered dozens of 

"ChatGPT for PDFs" startups obsolete overnight; the cycle now runs in weeks, 

not the years Apple took. Customer consolidation is the third: per Gatekeeper's 

CIO survey, 68% of technology leaders plan to consolidate vendors in 2026, 

with most organizations targeting a 20% cut in vendor count, which squeezes 

point solutions. Substitution by cheaper models is the fourth: as inference 

prices fall about 10x per 12-18 months, a wrapper's differentiation evaporates. 

 



  

Strategic Recommendations for Investment/Positioning 

Buy native, rent wrapper. For a small-cap investor or acquirer, the rule is to acquire proprietary-data and 

infrastructure assets (Voyage-type, Noetica-type, Seldon-type) at a defensible multiple and to partner with or 

license wrapper capabilities rather than buy them, because their multiple and retention are both fragile. Target 

compliance-native vertical specialists in healthcare, legal, finance and construction, where the EU AI Act and 

US sectoral rules create switching costs and a forcing function. Use the multiple gap (10-18x for AI-native best-

in-class versus 3-5x for AI-threatened horizontal tools) to time entry into mispriced assets. 

•  Competitor SWOT Comparison 

Archetype (example) Strengths Weaknesses Opportunities Threats 

Native niche specialist 
(Voyage AI, Noetica) 

Proprietary data/models; 
defensible margin; premium 
multiple 

Narrow TAM; key-man risk on a 
tiny research team 

Sell into a platform 
acquirer at 15-30x; 
expand adjacent 

Frontier lab absorbs the 
niche; talent poaching 

Regional champion 
(Legora, Doctrine) 

Jurisdictional data moat; 
language/regulatory fit; sticky 
base 

Sub-scale vs US generalists; 
capital-constrained 

Roll up smaller national 
players; cross-border 
expansion 

US generalist enters; 
consolidation by a larger 
group 

Wrapper / tech-
enabled entrant 
(generic copilots) 

Fast to market; low build 
cost; early traction 

No moat; 52%-or-lower gross 
margin; churn 15-20%/mo post-
Sherlocking 

Acqui-hire soft landing; 
pivot to proprietary data 

Platform absorption; 
price war; Series A 
shutdown 

 
Assumptions: figures predating Q4 2024 are flagged; model and funding data are perishable. Geographic 

dependency: EU positioning assumes the Digital Omnibus timeline holds (political agreement May 2026, not yet 

fully adopted). 



  



  

Value Chain 

Executive Summary 

Value in the AI stack is migrating away from raw model access, which is commoditizing fast, toward data interpretation and workflow/platform ownership, which is 

defensible — and for a small company the only durable positions are the ones downstream of the model. The chain runs in four layers: upstream compute and 

infrastructure (where a small company is a price-taker), the data and tooling layer, the commoditizing model layer, and the application layer where defensible vertical 

agents split from disposable wrappers. Two structural dependencies define the small-company position — the foundation-model API and the GPU — and value 

capture shifts toward whoever owns the data and the workflow, which is exactly the logic behind MongoDB buying Voyage and ClickHouse buying Langfuse. Unit 

economics now carry a variable inference layer that separates ~25%-margin “Supernovas” from ~60%-margin “Shooting Stars.” 

•  Four layers: compute/infrastructure (price-taking), data/tooling, the 

commoditizing model layer, and the bifurcated application layer. 

•  Two structural dependencies: the foundation-model API and the GPU — a 

per-token wrapper watches margin compress as usage grows. 

•  Value capture shifts: toward whoever owns the data and the workflow — 

MongoDB/Voyage made retrieval native; ClickHouse/Langfuse owns the 

feedback loop. 

•  Unit economics: SaaS COGS ran 10-25%; AI adds inference and infra layers 

— Supernovas ~25% gross margin, Shooting Stars ~60% after optimization. 

•  Core delivery: productization — fine-tuning, vertical workflow integration and 

production inference (Seldon Core is a representative small-org asset). 

•  M&A along the chain: horizontal scale, vertical control of data inputs, and 

adjacency — the most-targeted stages are data/tooling and workflow. 

•  Margin by stage: semiconductors richest, vertical AI-native ~50-65%, mature 

SaaS 70-90%, wrappers compressed toward ~40%. 

•  Where value concentrates: data interpretation, workflow ownership and 

platform position — the only durable small-company footholds. 

 



  

Value Chain Framework and Mapping 

The chain runs in four layers. Upstream is compute and infrastructure: AI 

accelerators, GPU capacity, networking and data centers, dominated by 

hyperscalers and Nvidia, where a small company is a price-taker. The data and 

tooling layer follows: labeling, MLOps, orchestration, evaluation, vector and 

retrieval databases, fine-tuning and inference platforms, where small specialists 

(Voyage AI, Langfuse, Seldon, Koyeb) cluster and get acquired. The model layer 

(foundation-model developers) is largely the domain of well-capitalized labs and 

is a passing concern for the lower market except as an input cost. The application 

layer (agentic AI, vertical and horizontal applied-AI products) is where most sub-

$100m companies live and where the native-versus-wrapper distinction decides 

survival. 

Upstream Enabling Layers and Core Delivery 

Upstream, the small-company reality is dependency, not ownership. Compute 

access is rationed by price and, in China and for export-controlled chips, by 

policy. Open-weight models (Llama, Mistral) are the small company's lever 

against this dependency: they enable on-premise and cost-sensitive workloads 

and reduce reliance on a single API. Koyeb (Paris, 13 employees, three co-

founders, having raised $8.6m) built a serverless GPU deployment layer 

precisely to abstract this complexity, and Mistral acquired it in February 2026 to 

accelerate Mistral Compute. Talent pipelines concentrate in the Bay Area, plus 

Tel Aviv, Toronto, Paris, London and Bangalore. 

Core delivery is productization: fine-tuning, vertical workflow integration and 

deployment. Seldon Core (Kubernetes-native production inference, A/B testing, 

canary rollouts, observability) is a representative small-organization delivery 

layer; TrueFoundry processes over 1 trillion tokens per day across more than 

1,000 clusters through its AI Gateway. These are the picks-and-shovels of the 

application era. 

Value Flow, Interdependencies, and Bottlenecks 

The structural (not transactional) dependencies are two: the foundation-model 

API and the GPU. A wrapper that pays per token and charges a flat subscription 

watches its margin compress as usage grows, and its differentiation evaporate 

if the platform ships the feature natively. That is a structural control point held by 

the model provider, not the startup. 

Value capture shifts toward whoever owns the data and the workflow. 

MongoDB's logic in buying Voyage AI was explicit: make retrieval native to the 

database so developers stop assembling a patchwork of separate components. 

Owning the embedded workflow (the EHR integration, the deal-term database, 

the audit trail) is the small company's only route to bargaining power, because it 

converts a rented-intelligence product into a switching-cost asset. 

Economic Drivers and Unit Economics 

The cost stack has a new variable layer. Traditional SaaS COGS ran 10-25% of 

revenue for 75-90% gross margins; AI adds an inference layer (model API fees, 

per-call compute) and an infrastructure layer (vector databases, monitoring, 

amortized fine-tuning). The SaaS CFO's worked example: bolt an AI assistant 

onto an $80 seat, add roughly $15 of inference and routing cost, and gross 

margin drops from 80% to 65% overnight. ICONIQ data: 41% average AI-

product gross margin in 2024, 45% in 2025, 52% in 2026 (improving, but 

structurally below SaaS). 



  



  

 
Figure 26. Retention x margin decides the deal: NRR vs gross margin (bolt-on quadrant top-right). 

Bessemer's State of AI taxonomy is useful for small-deal diligence: "Supernovas" (thin wrappers, unoptimized 

infrastructure) run around 25% gross margin; "Shooting Stars" reach about 60% after custom models and 

refined pricing. Automation that structurally changes unit economics is model routing (send 80% of traffic to 

cheap models), prompt caching (50-90% reduction on repeated context) and fine-tuning smaller models (50-

70% cost reduction at scale, typically evaluated once monthly inference spend passes $50,000-100,000). 

 



  

Value chain stage Typical gross 
margin 

Commoditized vs 
Strategic Small-company implication 

Compute/infrastructure (GPU, data 
center) 

Capital-
intensive, thin 

Commoditized 
(price-taker) 

Avoid owning; rent. Not a sub-$100m 
play 

Data labeling/curation Service-like, 30-
50% Mixed Labor-heavy; acquired for data + clients 

(Segments.ai) 

MLOps/orchestration/eval/vector DB 60-75% 
(tooling) 

Strategic if 
proprietary Picks-and-shovels; prime bolt-on targets 

Foundation models 50-70% 
(improving) 

Boundary (not 
lower market) Input cost only 

Wrapper application 25-52% Commoditized Acqui-hire; fragile multiple 

Native vertical application (proprietary 
data/workflow) 60-85% Strategic (moat) Highest durable multiple; switching 

costs 
 

M&A Logic through the Value Chain Lens 

Small players use M&A to move along the chain. Horizontal scale: ClickHouse's Langfuse deal added an 

adjacent observability product to its database. Vertical control of inputs and data: MongoDB/Voyage (retrieval 

into the database), Mistral/Koyeb (deployment beneath the model), Uber/Segments.ai (internalizing data 

labeling). Adjacent capability: TrueFoundry/Seldon (MLOps beneath an agentic gateway). The most-acquired 

stages are the data/tooling layer (because it is fragmented and immediately accretive) and native vertical 

applications (because they carry proprietary data). 

Forward-Looking Evolution of Value Concentration 

Value will concentrate where agents, workflow ownership and proprietary data converge. Menlo Ventures 

frames the shift: vertical SaaS showed and assisted, vertical AI reasons and executes, moving the ROI 

calculation from software budgets to far larger labor budgets. In its "Software Finally Gets to Work" analysis 

Menlo notes that in healthcare $740 billion flows annually to administrative services against just $63 billion in 

IT, and that only seven vertical SaaS firms trade above $10bn against roughly 30 horizontal ones, the ceiling 

vertical AI aims to break. Emerging profit pools: outcome-priced vertical agents (charging per resolved ticket or 

completed claim), embedded-fintech vertical platforms processing over $1bn in payments, and proprietary-data 

tooling. Declining legacy stages: thin horizontal wrappers and pure model-routing aggregators, whose margins 

compress as enterprises sign direct provider contracts. 



  



  

M&A Landscape 

Executive Summary 

The sub-$100m AI M&A market in mid-2026 is structurally opaque — only about 21% of the roughly 5,700 AI/ML acquisitions from 2020-2025 disclosed a value — 

but its shape is clear: capability and talent, not volume, drive activity, with H1 2025 AI-target deal value up 127% year-on-year even as volume fell about 20%. Seven 

deal categories operate in the band, led by bolt-on acquisitions of niche specialists (MongoDB/Voyage at $220m is the template) and acqui-hires of wrapper teams 

priced near $1-3m per engineer. The native-versus-wrapper call is the central diligence question: native targets carry defensible margins and 15-30x revenue multiples, 

while wrappers are priced for the team. The 2025-26 SaaS reset — the index falling from ~7x ARR to ~3.8x — widened the gap between AI-native premium assets 

and commoditizing software. 

•  Opaque but active: only ~21% of ~5,700 AI/ML acquisitions (2020-25) 

disclosed value; H1 2025 AI-target deal value up 127% YoY as volume fell 

~20%. 

•  Seven deal types: led by niche bolt-ons (MongoDB/Voyage $220m template, 

ClickHouse/Langfuse, TrueFoundry/Seldon) and wrapper acqui-hires. 

•  Acqui-hire pricing: asset purchase plus retention at roughly $1-3m per 

engineer — a six-person team with four targets prices at $8-16m. 

•  Native vs wrapper: the central diligence call — native targets earn 15-30x 

revenue and defensible margin; wrappers are priced for the team. 

•  Multiple reset: the SaaS Capital Index fell from ~7x ARR to ~3.8x by March 

2026; ~$1 trillion of SaaS market cap erased in a quarter. 

•  Record volume: 2,698 SaaS M&A transactions in 2025 (+28%, a record); AI-

referenced targets dominate, PE in the majority of deals. 

•  White spaces: EU AI Act compliance tooling, insurance claims, grant-

writing/nonprofit compliance, and field service for “boring” industries. 

•  Structure default: ~70% cash plus earnout/rollover; asset deals and acqui-

hires dominate the smallest and distressed transactions. 

 



Transactional Taxonomy and Industry Relevance 

The sub-$100m band shows seven deal categories. Bolt-on acquisitions of 

niche specialists are the dominant strategic form: MongoDB/Voyage AI 

($220m, just above band but the template), ClickHouse/Langfuse, 

TrueFoundry/Seldon, Thomson Reuters/Noetica and Materia. These fold 

proprietary capability into an existing platform. 

Acqui-hires are the dominant form for wrapper and sub-scale teams: an asset 

purchase plus retention packages, priced at roughly $1m-3m per engineer, 

where a 6-person team with 4 acqui-hire targets prices at $8m-16m. 

Uber/Segments.ai (Belgian lidar-annotation startup, founders Otto Debals 

and Bert De Brabandere and all staff joining Uber AI Solutions, October 2025) 

is a clean team-plus-tech example. Small platform deals (Salesforce's eight 

2025 AI tuck-ins) build out an agentic suite. PE buy-and-build add-ons (Bow 

River Capital's recapitalization of meQuilibrium merged with RippleWorx, 

September 2025) consolidate vertical SaaS with AI inside it. Small venture 

rounds, search-fund/micro-PE buyouts and corporate-venture minority stakes 

(Thomson Reuters Ventures backing Noetica's $22m Series A before 

acquiring it) round out the set. 

Strategic Rationales and Deal Drivers 

New capabilities, not more volume, drive current activity. PwC/PitchBook data 

shows H1 2025 AI-target deal value up 127% year on year even as volume 

fell about 20%, meaning acquirers paid premiums for capability and talent 

rather than buying revenue. Horizontal integration (scale) appears in 

Salesforce's suite-building; vertical integration (internalizing data, IP and 

distribution) drives MongoDB/Voyage, Mistral/Koyeb and Thomson 

Reuters/Noetica; diversification into higher-growth niches drives software 

incumbents bolting AI onto legacy suites; talent/acqui-hire drives the wrapper 

exits. 

The native-versus-wrapper call is the central diligence question. A native 

target (Voyage's embedding models, Noetica's 1.5-billion-term database, 

Seldon's production inference) carries a defensible margin and a 15-30x 

revenue multiple. A wrapper target carries a 52%-or-lower gross margin, 15-

20% monthly churn risk after a platform ships the feature, and is worth an 

acqui-hire price, not a platform price. Mispricing this is the most common and 

most expensive error in the band. 

 

Market Impact and Structural Trends 

Small-deal activity is accelerating consolidation of fragmented niches and 

converging services with software. Software Equity Group recorded 2,698 SaaS 

M&A transactions in 2025, a 28% jump and the highest annual count ever; 72% of 

2025 SaaS M&A targets referenced AI capabilities. Strategic acquirers were 62% of 

lower-middle-market SaaS transactions in 2025, up from 55% in 2023, meaning 

operating companies, not financial buyers, are driving the small end. 

The 2025-2026 SaaS multiple reset reshaped pricing. The SaaS Capital Index fell 

from about 7x ARR at the start of 2025 to about 3.8x by March 2026; QuantPillar's 

read on public SaaS EV/TTM-revenue fell to 3.3x as of March 31, 2026, from 4.9x 

at year-end 2025 and 6.2x at year-end 2024. The "SaaSpocalypse" (a term coined 

by Jefferies equity trader Jeffrey Favuzza) saw roughly $285bn in software market 

cap erased beginning February 3, 2026, triggered by Anthropic's January 30 release 

of open-source Claude Cowork plugins (including a legal plugin) that stoked 

substitution fears. 

 The spread between top-tier and bottom-tier deals has never been wider: two 

companies with identical ARR close at prices differing 3-4x on AI defensibility, NRR, 

profitability and process. PE entered 2026 on roughly $3.7tn of global dry powder, 

double 2019, which underpins continued buy-and-build appetite at the small end. 

Landscape Gaps and Future Opportunity Areas 
The clearest white spaces share a profile: underserved buyers with high willingness 

to pay, no dominant incumbent, and a regulatory or operational forcing function. EU 

AI Act compliance tooling is one: more than 60% of European SMEs have not started 

compliance, and the August 2026 transparency deadline is a forcing function.  

Construction is the dark horse, with multimodal AI finally able to parse site 

conditions, as-builts and RFIs in a $2.1tn industry running on spreadsheets. 

Healthcare sub-specialties (dental practice management, optometry workflow, 

behavioral-health billing, veterinary, with a $2.1bn veterinary software market 

growing about 9% annually) remain fragmented and underpenetrated. 

Other named white spaces: insurance claims (a $180bn US property-casualty 

claims market where adjuster reports take 2-4 hours each), grant-writing and 

nonprofit compliance, and field-service for "boring" industries where PE-driven 

consolidation creates the ROI pressure to adopt. These are where the next wave of 

sub-$50m rounds and sub-$100m bolt-ons will concentrate. 



  



  

Illustrative Transaction Case Studies 

MongoDB/Voyage AI ($220m, February 2025): the native-data template. A 17-month-old company with top-

rated Hugging Face embedding models sold for $220m in cash and stock; the logic was to make AI retrieval 

native to the database and stop developers assembling a patchwork. Strategic capability acquired: proprietary 

embedding and reranking models plus a Stanford/MIT/Berkeley/Princeton research team. 

ClickHouse/Langfuse (January 2026): consolidating a fragmented tooling niche. Langfuse (over 20,000 GitHub 

stars, 26m+ monthly SDK installs) was already built on ClickHouse; the acquisition (alongside ClickHouse's 

$400m Series D at a $15bn valuation) made a partnership permanent and followed the same PeerDB/HyperDX 

playbook. Native open-source asset; low integration risk because the architectures already aligned. 

TrueFoundry/Seldon (June 2026): adjacent-capability bolt-on. TrueFoundry added Seldon Core's production 

MLOps (PayPal, J&J, Audi, Experian as Seldon customers; Seldon founded 2014, raised about $33m) beneath 

its agentic gateway, both Kubernetes-native. Capability acquired: production-grade inference and an enterprise 

customer base. 

Thomson Reuters/Noetica and Materia (February 2026 and October 2024): internalizing proprietary data. 

Noetica (ex-Wachtell founder Dan Wertman, 1.5-billion-term deal database, over $1tn transactional volume, TR 

Ventures backed its $22m Series A) and Materia (tax/audit assistant on proprietary accounting content, raised 

only about $6.3m) both folded native datasets into CoCounsel. Both undisclosed but clearly sub-$100m by 

funding proxy. 

Uber/Segments.ai (October 2025): team-plus-tech acqui-hire. Belgian lidar/multi-sensor annotation startup; 

founders Otto Debals and Bert De Brabandere and all staff joined Uber AI Solutions to deepen lidar annotation. 

Mistral/Koyeb (February 2026): vertical control of deployment; Koyeb's 13 employees and three co-founders 

(having raised $8.6m) joined to build Mistral Compute, with analysts estimating a low-double-digit-millions value. 

Salesforce/Doti (reported approximately $100m, November 2025): Israeli agentic-search startup that had raised 

only $7m, an estimated 14x return, joining Salesforce's Israel AI R&D hub; alongside Spindle AI, Waii, Regrello 

and Bluebirds in a 2025 tuck-in cadence (Doti was Salesforce's eighth AI acquisition of the year). Bow 

River/meQuilibrium (September 2025): PE buy-and-build, recapitalizing the workforce-resilience platform and 

merging it with RippleWorx, advised by Piper Sandler. 

 



  
•  M&A Rationale vs Impact Matrix 

Rationale Representative small deal Native/Wrapper Industry impact 

Internalize proprietary data TR/Noetica, TR/Materia Native Data moats migrate into incumbent suites 

Make capability native to platform MongoDB/Voyage Native Tooling layer absorbed into databases 

Consolidate fragmented tooling niche ClickHouse/Langfuse Native (OSS) Observability/eval consolidates 

Vertical control of deployment Mistral/Koyeb Native infra Model-makers move to full stack 

Adjacent capability (MLOps under 
agents) TrueFoundry/Seldon Native ML + agentic ops converge 

Talent/team-plus-tech Uber/Segments.ai Mixed Data-labeling expertise internalized 

Suite build-out (agentic) Salesforce/Doti et al. Wrapper-leaning Agentic suites assembled via tuck-ins 

PE buy-and-build add-on Bow 
River/meQuilibrium+RippleWorx Native-data vertical Vertical SaaS consolidation 

 

Challenges, Risks, and Execution Barriers 

Key-man risk is acute for 5-50 person AI teams: published research on 454 acqui-hired founders across Google 

and Meta found retaining individual entrepreneurs significantly harder than retaining intact co-founder teams, 

which argues for structuring retention around the whole team and preserving its internal hierarchy. Integration 

complexity and cultural alignment are real but lower when architectures pre-align (ClickHouse/Langfuse, 

TrueFoundry/Seldon both Kubernetes-native). 

Technology obsolescence (model churn) is the distinctive AI risk: a target's technical lead can erode overnight 

when a frontier model improves, creating a displacement risk that revenue multiples ignore. Wrapper-churn risk 

post-acquisition is the corollary: an acquired wrapper can see 15-20% monthly churn if the platform ships the 

feature. Regulatory and accreditation hurdles bite in the EU (AI Act conformity for high-risk systems) and in 

regulated verticals. Overreliance on acquired growth is a buy-and-build trap when the underlying AI is a thin 

layer. 

 

 



  

Strategic Recommendations for M&A Advisory 

Source native, structure for the team, price the wrapper discount. Ranked priorities for a 

lower-market adviser: (1) proprietary-data and infrastructure assets in the data/tooling layer 

(embeddings, eval, MLOps, vector/retrieval, serverless inference), the 

Voyage/Langfuse/Seldon/Koyeb profile, where the multiple is defensible; (2) compliance-

native vertical applications in healthcare, legal, finance and construction with proprietary 

datasets; (3) regional champions with jurisdictional data moats (the Legora/Doctrine profile) 

as roll-up platforms or add-ons. 

Deal-structure suggestions for the band: for native specialists with intact teams, a share 

deal with 60-70% cash at close, 30% founder equity roll-over, and 2-3 year 

retention/earnout tied to capability milestones and team retention (not just revenue). For 

wrapper or sub-scale teams, an asset deal plus acqui-hire at roughly $1m-3m per engineer 

with signing/RSU retention and a founder carve-out ($500k-2m) negotiated ahead of the 

liquidation waterfall. Earnouts of 20-30% of consideration, gated on retention and 

integration milestones, hedge model-churn and key-man risk. Best risk-adjusted returns: 

US data/tooling specialists and EU compliance-native vertical AI, where the AI Act forcing 

function and the multiple reset combine to create mispriced, defensible assets. 

Geographic and regulatory dependencies: EU targets carry AI Act conformity obligations 

(transparency from August 2026, high-risk from December 2027 under the Digital Omnibus, 

not yet fully adopted); China and export-controlled compute alter the calculus for 

infrastructure targets; Israel, Canada and India offer talent-dense, capital-efficient targets 

(Indian AI startups raised about $643m across 100 deals in 2025, application-led, per 

Tracxn), often at lower entry multiples than the Bay Area. 

Concrete named target archetypes credible as sub-$100m candidates: the data-annotation 

specialists Tracxn classifies (Encord, iMerit, Sama, Superb AI, Sapien; Tracxn counts 371 

such companies, only 152 funded) for an acquirer wanting data-labeling capability and 

clients; MLOps and eval specialists in the Seldon mold; embeddings/retrieval specialists in 

the Voyage mold; and European jurisdictional legal-AI players in the Qura/Walter mold for 

a roll-up. Partnerships beat acquisitions when the target is a wrapper (license the capability, 

do not buy the fragile multiple) or when key-man risk is unmanageable. 
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